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Abstract

Background: Chlamydia screening in high schools offers a way to reach adolescents outside of a traditional clinic
setting. Using transmission dynamic modeling, we examined the potential impact of high-school-based chlamydia
screening programs on the burden of infection within intervention schools and surrounding communities, under
varying epidemiological and programmatic conditions.

Methods: A chlamydia transmission model was calibrated to epidemiological data from three different settings.
Philadelphia and Chicago are two high-burden cities with existing school-based screening programs. Rural Iowa
does not have an existing program but represents a low-burden setting. We modeled the effects of the two
existing programs to analyze the potential influence of program coverage and student participation. All three
settings were used to examine a broader set of hypothetical programs with varying coverage levels and time
trends in participation.

Results: In the modeled Philadelphia program, prevalence among the intervention schools’ sexually active 15–18
years old population was 4.34% (95% credible interval 3.75–4.71%)after 12 program years compared to 5.03% (4.39–
5.43%) in absence of the program. In the modeled Chicago program, prevalence was estimated as 5.97% (2.60–
7.88%) after 4 program years compared to 7.00% (3.08–9.29%) without the program. In the broader hypothetical
scenarios including both high-burden and low-burden settings, impact of school-based screening programs was
greater in absolute terms in the higher-prevalence settings, and benefits in the community were approximately
proportional to population coverage of intervention schools. Most benefits were garnered if the student
participation did not decline over time.
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Conclusions: Sustained high student participation in school-based screening programs and broad coverage of
schools within a target community are likely needed to maximize program benefits in terms of reduced burden of
chlamydia in the adolescent population.

Keywords: Chlamydia, Screening, Adolescent health

Background
Sexually transmitted infections (STIs) are prevalent
among adolescents and young adults [1, 2]. However, a
number of factors may contribute to relatively low STI
screening rates among adolescents, including relatively
low use of preventive care generally [3], as well as con-
cerns about confidentiality that may inhibit use of sexual
and reproductive health services more specifically [4].
There are a number of school-based STI screening inter-
ventions, which have been or are currently implemented
in high schools across the United States [5–14]. A re-
view of STD screening programs in high schools called
for increased effort to understand community factors
[8], and noted that it has been difficult to determine the
impact of school-based screening on chlamydia trans-
mission dynamics for the school population and for the
community.
Typically, screening events are implemented in collabor-

ation with local public health departments, or screening is
offered at school-based health centers, with the aim in ei-
ther case to screen the entire school population within a
short amount of time (e.g. 1 week) [12]. School-based
chlamydia screening may improve case-finding and treat-
ment among infected individuals [15]. A recent evaluation
of the screening events in Detroit schools found that the
events were associated with a reduction in chlamydia posi-
tivity [16]. A previous dynamic transmission model, ana-
lyzing 4 years of data from a screening program in
Philadelphia high schools, suggested that screening both
males and females could reduce chlamydia prevalence
within participating schools [10]. The study focused on
outcomes within the intervention schools and did not
examine the long-term impact of screening programs on
community-level chlamydia transmission dynamics.
In this study, we used mathematical modeling to evalu-

ate the potential impact of school-based screening pro-
grams on chlamydia transmission dynamics, accounting
for various epidemiological factors and programmatic fea-
tures that may influence the program effects both within
schools and in the surrounding communities. By modeling
an array of different program scenarios in both high-
burden and low-burden settings, we examined how spe-
cific features from existing programs, as well as possible
implementation scenarios for hypothetical programs,
could affect chlamydia transmission dynamics in different
epidemiological contexts.

Methods
Mathematical model framework
The model in this study expanded on a previously devel-
oped chlamydia transmission model, described in detail
elsewhere [17]. A deterministic, compartmental pair-
formation modeling approach was used, in which the
population living in a defined location was divided into a
range of different categories, reflecting stratification by
age (15-18y, 19-24y, 25-39y, 40-54y), by sex (heterosex-
ual men and women), by sexual partnership category
(never had sex, sexually active single people, and people
in a long-term partnerships), and by sexual activity level
(higher and lower sexual activity defined by frequency of
short-term relationships). Long-term partnerships were
represented as distinct compartments in the model,
stratified based on the age and infection status of both
partners. For this study, we expanded the modeling
framework by dividing the 15–18 year-old population
into those in intervention schools and those outside of
the intervention schools but in the surrounding commu-
nities (Fig. 1). In the two youngest age groups (15-18y
and 19-24y), the model included a fraction of the popu-
lation that was not yet sexually active, with age-specific
rates of transition into the sexually active population;
these rates were time-varying in the youngest age group
to allow for changes in the population at-risk for chla-
mydia. We assumed that all people ages 25 and older
were sexually active. Sexually active single people of any
age in the model could have short-term relationships;
sexually active people older than 18 years could enter
long-term partnerships. Chlamydia infection status was
represented using a susceptible-infected-susceptible
structure.

Settings
We applied the model in three different settings, span-
ning a range of reported chlamydia diagnosis rates.
Philadelphia and Chicago are large cities with relatively
high rates of chlamydia diagnoses and with existing
high-school-based screening programs. Rural Iowa has
relatively low chlamydia diagnosis rates and does not
have an existing school-based screening program.
Among women aged 15-24y, rates of reported chlamydia
diagnoses in 2015 were 7433 per 100,000 in Philadelphia
[18], 6715 per 100,000 in Chicago [19] and 2807 per
100,000 in the state of Iowa [20], compared to 3376 per
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100,000 nationally [21]. For our analysis, we calculated
reported diagnosis rates for Iowa excluding the 10 most
populous counties to approximate the burden in more
rural areas, which yielded a diagnosis rate of 1948 per
100,000 in 2015.
Philadelphia has the largest and longest-running high-

school-based chlamydia screening program in the United
States, established during the 2002–2003 school year.
Between 2002 and 2015, there were 10,000–20,000 tests
conducted annually, and the schools enrolled in the pro-
gram covered approximately 55% of the 15–18-year-old
population in the city. In Philadelphia’s intervention
schools student participation declined over time, from
approximately 30% of the student population during the
2002–2003 school year to 16% during the 2014–2015
school year. Chicago began a screening event program
in 2010, following a pilot study in 2008. Between 2010
and 2013, the program was implemented in schools cov-
ering approximately 12.5% of the 15–18 year-old popula-
tion in the city, and the number of tests conducted
yearly increased from 2200 to 6900.

Data and model calibration
Model calibration was undertaken using a Bayesian
framework [22] operationalized with Incremental

Mixture Importance Sampling [23]. Each setting was cal-
ibrated independently. The calibration approach yielded
a joint posterior probability distribution for the param-
eter values, informed by a combination of specified prior
distributions and the data likelihood. For a subset of pa-
rameters, we resampled from distributions defined by
posterior estimates in our previously calibrated national
model [17]. Table S1 in Supplement 1 describes each
parameter that was varied in the calibration and its prior
and posterior ranges. To estimate community-level chla-
mydia transmission dynamics in the absence of school-
based screening programs, we calibrated the model to
three sources of setting-specific data: reported chlamydia
diagnosis rates, chlamydia positivity estimates among
15–18 years olds, and the proportion of the high school
population who report having ever had sex.
Sex- and age-stratified chlamydia reported diagnosis

rates were obtained for the three study settings [18–20],
and the model was calibrated to data prior to the initi-
ation of school-based screening programs in the cases of
Philadelphia and Chicago. For Philadelphia, we used the
average of diagnosis rates during 2002–2015 as a proxy
measure, as there were no data available prior to 2002.
For Chicago, we used diagnosis rates during 2000–2009.

Fig. 1 Model demographics, sexual behavior and partnership formation
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For Iowa (excluding the 10 most populous counties), we
used the diagnosis rates during 2000–2015.
Both Philadelphia and Chicago provided estimates of

chlamydia positivity in intervention schools. For calibra-
tion, we used positivity estimates from the first year
available for each program as a proxy for the baseline
chlamydia prevalence among the population of sexually
active 15–18 year-olds in each city. For Iowa, we used a
chlamydia positivity estimate from rural family planning
clinics [24]. To calibrate rates of sexual initiation among
15–18 year olds, we used city-level data from the Youth
Risk Behavior Survey (YRBS) [25] on the percentage of
high school students who reported ever having had sex
(state-level data used for Iowa).
The model was initially run to equilibrium using time-

invariant parameters. We introduced time-varying pa-
rameters governing rates of sexual initiation starting in
1991, to correspond to years of data availability from
YRBS, and time-varying parameters relating to screening
rates and completeness of reporting on diagnosed infec-
tions in the general population starting in 2000, to cor-
respond to the first year of case report data included in
the likelihood.

Analysis
We conducted two sets of analyses. In the first set of
analyses, using only the models for Philadelphia and
Chicago, we examined the potential influence of differ-
ent observed programmatic features from the school-
based screening programs in those cities on the esti-
mated benefits from the programs. We used the cali-
brated models to estimate chlamydia prevalence in the
15–18 year-old population in the absence of school-
based screening. We then estimated the potential impact
of school-based screening using program data on the
fraction of the 15–18 year-old population enrolled in
intervention schools (“coverage”) and on student partici-
pation within intervention schools over time as input pa-
rameters. We used information on the highest and
lowest yearly participation levels observed in Chicago
and Philadelphia to determine ranges of participation
levels. In Philadelphia, we modeled declining student
participation over the 12 program years, from 30 to 16%,
while holding population coverage constant at 55%. For
Chicago, we modeled an increase in student participa-
tion over the 4 program years, from 13 to 40%, while
holding coverage constant at 12.5%.
In the second set of analyses, we used the calibrated

models for all three settings to explore a set of hypothet-
ical scenarios with varying coverage levels and participa-
tion trends, and each program scenario implemented
over a 12-year period. Population coverage of school-
based screening among ages 15–18 years was varied
from 20 to 60% across cities. Three different time trends

for participation were modeled: 1) stable participation at
50%; 2) declining participation, from 50 to 8%; and 3) in-
creasing participation, from 50 to 90%.
In both sets of analyses, parameter uncertainty was

captured by running multiple model simulations, each
based on sampling one set of parameter values from the
joint posterior distribution of the parameters estimated
through calibration. For each draw of model parameter
values, we ran both a baseline (no-screening) scenario
and each of the different program scenarios. Interven-
tion effects are summarized in terms of prevalence in
different scenarios among 15–18 year-olds as well as ab-
solute differences in prevalence between intervention
scenarios and the no-screening program baseline. Re-
duction in prevalence was calculated by taking the differ-
ence from each baseline draw and its respective
counterfactual, and calculating an overall reduction
across the reductions at the draw-level. We report the
median and 95% credible interval for each outcome.

Results
Model calibration to the three settings produced baseline
prevalence estimates in the absence of school-based screen-
ing. Figures S1, S2, S3 (Supplement 1) present calibration
results for each setting. In 2002, the baseline prevalence
estimates from the model for sexually active males and
females aged 15–18 years were 5.07% (95% credible interval:
4.42–5.51%) in Philadelphia, 7.08% (3.09–9.45%) in
Chicago, and 1.92% (1.52–2.44%) in rural Iowa.

Model simulations based on features from existing
school-based screening programs
Our first set of analyses simulated observed program-
matic features from the school-based screening pro-
grams in high-burden cities with existing programs
(Philadelphia and Chicago). Figure 2 shows the esti-
mated prevalence for the sexually active 15–18 year-old
population within intervention schools and within the
surrounding communities. In 2014, after 12 years of pro-
gram implementation, the model for Philadelphia pre-
dicted a prevalence of 4.34% (3.75–4.71%) among
sexually active 15–18 year-old students in the interven-
tion schools and 5.03% (4.39–5.43%) in the absence of
the program, representing a 0.65 percentage point
(0.57–0.71) absolute reduction. A reduction in preva-
lence was predicted in the initial period of the program
when the student participation was at its highest,
followed by a slight increase in prevalence as student
participation declined (from 30 to 16%). For instance,
after 4 years, the estimated prevalence in schools was
4.14% (3.59–4.53%), corresponding to a 0.88 percentage
point (0.77–0.94) decrease in chlamydia prevalence. In
Chicago in 2013 ─ 4 years after the program was
launched ─ the prevalence in the sexually active
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population was estimated as 5.97% (2.60–7.88%) in the
intervention schools and 7.00% (3.08–9.29%) in the ab-
sence of the program, corresponding to a 1.03 percent-
age point (0.48–1.40) reduction in prevalence.
At the end of the available data period for each pro-

gram, the model estimated a modest population-level
impact for the sexually active 15–18 year-old population
in each city. In Philadelphia in 2014, chlamydia preva-
lence in this group was 4.61% (3.99–5.00%) compared to
5.03% (4.39–5.42%) in the absence of the program,
representing a 0.38 percentage point (0.33–0.43) reduc-
tion. In Chicago in 2013, chlamydia prevalence was esti-
mated as 6.85% (3.02–9.08%) compared to 7.00% (3.08–
9.29%) in the absence of the program, representing a
modest 0.16 (0.06–0.21) percentage point reduction.

Model simulations of school-based screening in
hypothetical scenarios
Our second set of analyses used models for all three set-
tings to explore an array of hypothetical scenarios imple-
mented over a 12-year period. Table 1 presents model-

estimated prevalence for the 15–18 year-old population
within intervention schools and in the broader commu-
nity. Results in each case are shown separately for the
full population and for the subset of sexually active
students.
For a school-based screening program covering 30%

of the age group, and which maintained stable stu-
dent participation, we estimated that the program
would reduce prevalence among sexually active stu-
dents in the intervention schools by 1.38 (1.22–1.49),
2.15 (0.93–2.85) and 0.40 (0.29–0.47) percentage
points in Philadelphia, Chicago and Iowa, respectively.
If student participation declined over time, benefits
compared to baseline would shrink: reduction of 0.24
(0.20–0.27) percentage points in Philadelphia, 0.47
(0.19–0.68) percentage points in Chicago, and 0.09
(0.07–0.11) percentage points in Iowa. With increas-
ing student participation, the reductions in prevalence
in the three settings would be 2.09 (1.84–2.23), 3.17
(1.36–4.17) and 0.58 (0.42–0.69) percentage points,
respectively.

Fig. 2 Model-estimated prevalence among sexually active students in intervention schools and in the 15–18 year-old population in the broader
communities: baseline (no-screening) and intervention scenarios. Footnote: The model was calibrated to the first positivity estimate available from
each program (black dot) with the positivity estimates from later years (white dots) shown for comparison. The intervention start year is marked
with a dotted vertical line
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Holding participation constant but varying coverage
from 30 to 60% of the 15–18 year-old population dem-
onstrates the potential impact of doubling the size and
reach of the program. Given the same level of participa-
tion within intervention schools, program effects
expressed as reductions in prevalence among the stu-
dents in intervention schools were relatively invariant to
the overall population coverage of the program. On the
other hand, considering the effects in the broader com-
munities around the participating schools, with a 30%
program coverage there was an estimated 0.45 (0.39–
0.50) percentage point decrease in community preva-
lence among the sexually active population in Philadel-
phia, a 0.91 (0.33–1.31) percentage point decrease in
Chicago, and a 0.16 (0.12–0.19) percentage point

decrease in rural Iowa. With a 60% program coverage
the corresponding decreases were 0.89 (0.78–0.99), 1.76
(0.64–2.54) and 0.31 (0.23–0.36) percentage points,
respectively.

Discussion
In this study, we examined the impact of existing and
hypothetical school-based chlamydia screening interven-
tions on the prevalence in intervention schools and sur-
rounding communities. Our results demonstrated that
stable and sustained school-based screening programs
are needed to maximize and maintain the impact of the
interventions. In the Philadelphia intervention imple-
mented during 2002–2014, we predicted an initial de-
cline in chlamydia positivity. Although these initial

Table 1 Model-predicted prevalence among 15–18 years olds in intervention schools and in broader community over a 12-year
period: baseline and intervention scenarios at the enda

In intervention schools In broader community

All students Sexually active students All people Sexually active people

Philadelphia

Prevalence in baseline scenario (%) 3.10 (2.78–3.44) 5.03 (4.39–5.42) 3.10 (2.78–3.44) 5.03 (4.39–5.42)

Reduction in prevalence with screeningb

At 30% coverage, with stable participation 0.85 (0.74–0.95) 1.38 (1.22–1.49) 0.28 (0.24–0.32) 0.45 (0.39–0.50)

At 30% coverage, with declining participation 0.15 (0.12–0.17) 0.24 (0.20–0.27) 0.05 (0.04–0.07) 0.08 (0.07–0.10)

At 30% coverage, with increasing participation 1.28 (1.12–1.42) 2.09 (1.84–2.23) 0.42 (0.36–0.48) 0.68 (0.59–0.75)

At 20% coverage, with stable participation 0.84 (0.73–0.94) 1.37 (1.21–1.48) 0.19 (0.16–0.21) 0.30 (0.26–0.34)

At 40% coverage, with stable participation 0.86 (0.75–0.96) 1.40 (1.23–1.50) 0.37 (0.32–0.43) 0.60 (0.52–0.67)

At 60% coverage, with stable participation 0.87 (0.76–0.98) 1.42 (1.25–1.53) 0.55 (0.48–0.63) 0.89 (0.78–0.99)

Chicago

Prevalence in baseline scenario (%) 4.12 (2.07–5.48) 7.01 (3.09–9.28) 4.12 (2.07–5.48) 7.01 (3.09–9.28)

Reduction in prevalence with screeningb

At 30% coverage, with stable participation 1.26 (0.62–1.76) 2.15 (0.93–2.85) 0.53 (0.22–0.82) 0.91 (0.33–1.31)

At 30% coverage, with declining participation 0.26 (0.12–0.42) 0.47 (0.19–0.68) 0.14 (0.05–0.26) 0.23 (0.08–0.42)

At 30% coverage, with increasing participation 1.85 (0.92–2.54) 3.17 (1.36–4.17) 0.77 (0.32–1.16) 1.31 (0.48–1.87)

At 20% coverage, with stable participation 1.21 (0.61–1.65) 2.05 (0.91–2.73) 0.36 (0.15–0.55) 0.61 (0.22–0.89)

At 40% coverage, with stable participation 1.31 (0.63–1.86) 2.24 (0.94–3.02) 0.70 (0.29–1.08) 1.20 (0.44–1.73)

At 60% coverage, with stable participation 1.44 (0.65–2.07) 2.42 (0.97–3.39) 1.04 (0.43–1.58) 1.76 (0.64–2.54)

Rural Iowac

Prevalence in baseline scenario (%) 0.58 (0.41–0.7) 1.28 (0.92–1.54) 0.58 (0.92–0.72) 1.28 (0.92–1.54)

Reduction in prevalence with screeningb

At 30% coverage, with stable participation 0.18 (0.13–0.22) 0.40 (0.29–0.47) 0.07 (0.05–0.09) 0.16 (0.12–0.19)

At 30% coverage, with declining participation 0.04 (0.03–0.05) 0.09 (0.07–0.11) 0.02 (0.02–0.03) 0.05 (0.04–0.06)

At 30% coverage, with increasing participation 0.26 (0.18–0.32) 0.58 (0.42–0.69) 0.10 (0.08–0.12) 0.23 (0.17–0.27)

At 20% coverage, with stable participation 0.17 (0.12–0.21) 0.38 (0.28–0.46) 0.05 (0.04–0.06) 0.11 (0.08–0.13)

At 40% coverage, with stable participation 0.19 (0.13–0.23) 0.41 (0.30–0.48) 0.10 (0.07–0.11) 0.21 (0.15–0.25)

At 60% coverage, with stable participation 0.20 (0.14–0.24) 0.44 (0.32–0.51) 0.14 (0.10–0.17) 0.31 (0.23–0.36)
aAll results show median values and 95% credible intervals
bReductions are expressed in absolute terms, i.e. as percentage point decreases in prevalence
cRural Iowa was simulated using the state-level diagnosis reports and excluding the 10 most populous counties
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declines were not entirely sustained, we estimated an
overall reduction in prevalence compared to no school-
based program baseline scenario after 12 years of pro-
gram implementation. Reducing student participation in
our model to the levels observed in some existing pro-
grams led to modelled prevalence estimates consistent
with observed trends. Program coverage, measured in
terms of the proportion of the 15–18 years old popula-
tion enrolled in participating schools, was larger in
Philadelphia than in Chicago, which resulted in larger
population-level benefits in Philadelphia. In all hypothet-
ical scenarios, school-based chlamydia screening had a
larger impact in higher burden settings (modeled after
Chicago and Philadelphia) than in a lower burden setting
(modeled after rural Iowa).
Schools have been a venue for the delivery of complex

sexual and reproductive health interventions such as sex
education initiatives [26] and risk behavior reduction
programs [27]. School-based STI screening initiatives
can offer opportunities for diagnosis and treatment of
STIs among adolescents who may not be able to access
sexual health services elsewhere, and therefore reduce
time to treatment [14]. A previous study which exam-
ined screening in New Orleans high schools during the
1997–1998 school year indicated that the program could
be cost-effective and cost-saving [28].
Sustaining school-based screening requires consider-

able resources at the local level [9, 14]. All screening ef-
forts require funding, infrastructure, and human
resources. Using Chicago and Philadelphia as examples:
Philadelphia has established a stable, wide-spread pro-
gram, and Chicago had a successful pilot and roll-out of
school-based screening. In 2015, the Chicago Depart-
ment of Public Health partnered with Planned Parent-
hood Illinois, which now provides sexual health
education and STI screening in the school-based screen-
ing program. This partnership increased program cap-
acity and facilitated the inclusion of broader services.
Both cities have opt-out consent instead of participation
requiring active parental consent. In Philadelphia, con-
doms are available, partner notification is provided, and
treatment is provided in schools for people testing posi-
tive for chlamydia. In Chicago, condoms are made avail-
able at the discretion of the principal of each school, and
access varies across the school district. It is likely that
there are further benefits from these programs to indi-
viduals and to the communities than those captured in
this study. There are a number of programs in the coun-
try, which operate in a similar fashion: for example,
Michigan’s program in Detroit has sustained its screen-
ing program through a partnership between the state
health department, schools, and the local health system.
In Detroit, students are offered partner notification, and
partners of students can receive services in any school-

based health center, which also function as community
health centers.
School-based screening programs often have limited

information available to evaluate the impact of the inter-
vention in the surrounding communities. As this math-
ematical modeling study demonstrated, school-based
programs can theoretically reduce broader community
STD rates. However, positivity trends are not directly
comparable without understanding how the program
was implemented and what coverage level was attained
[8, 9]. Different program coverage levels can result in a
similar impact within the schools taking part in the pro-
gram, but a different impact for the community as indi-
cated in the results by varying the intervention coverage
in the age-population. To further understand how the
programs operate, data on how many students partici-
pated in more than one screening event and on potential
differences between students who take up screening and
those who do not would be useful. As a limitation of the
study, we did not have access to data on how many stu-
dents participated in more than one screening, nor did
our model-structure allow for analysis of repeat screen-
ing of a subset of the intervention school population.
Previous work [6] has suggested that repeat yearly stu-
dent participation in screening is difficult to sustain.
There are also features of sexual networks, such as
where the students find partners [11], that can further
influence the success of the programs. Features of sexual
networks are likely highly dependent on community-
level factors, such as interconnectedness of city neigh-
borhoods and availability of public transportation, which
may facilitate different mixing patterns among the young
people compared to the patterns in cities that are less
connected [11, 16]. For rural communities, there is lim-
ited information on mixing patterns among adolescents.
Our model calibration was limited by the availability

of data at the local level. We relied mostly on reported
chlamydia diagnoses as a measure of chlamydia burden.
We assumed that screening at schools would not influ-
ence the students’ screening outside of the program (i.e.,
that the interventions were additive to existing services).
If screening at schools made it more likely that students
would not get screened in the community, this would
lower the overall impact of the intervention compared to
the results in our study. Conversely, if students were bet-
ter informed due to the availability of school-based
screening, they may be more likely to use community
services in the future, which would increase the impact
of the intervention. Once exposed to the opportunity to
undergo STI screening, young people may have an in-
creased awareness of their ability or right to access con-
fidential health services, and they may seek out other
sexual health services, including expanded HIV/STI test-
ing or reproductive services, as has been suggested
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before [14]. Overall, there is a lack of evidence on how
school-based screening interventions impact students’
current and future engagement with sexual health ser-
vices, and this question remains an important priority
for future research.
The highest burden of STIs remains in urban areas,

where young people are a key population for STI control
strategies. Interventions that can reach people outside of
traditional clinic settings are an important component of
comprehensive sexual health programs. Young people
may not use sexual health services due to a lack of infor-
mation regarding their rights to access these services on
their own, concerns regarding privacy, cost, transporta-
tion, or some combination of these [4]. By offering ac-
cess to health care interventions within the school
setting, programs such as school-based STI screening
can mitigate utilization constraints related to education,
transportation, and cost.

Conclusions
To maximize the school-based screening programs’ im-
pact on students and communities at large, a stable pro-
gram with high participation among high school
students is likely needed. Targeting the population with
the highest burden of chlamydia will allow for the identi-
fication of the most infections, and will have a greater
influence on chlamydia transmission dynamics.
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