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Surveillance of febrile patients in a district and
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Abstract

Background: Fever is an undifferentiated clinical feature that may enhance the sensitivity of syndromic surveillance
systems. By studying the spatiotemporal associations of febrile patients, it may allow early detection of case
clustering that indicates imminent threat of infectious disease outbreaks in the community.

Methods: We captured consecutive emergency department visits that led to hospitalization in a district hospital in
Hong Kong during the period of 12 Sep 2005 to 14 Oct 2005. We recorded demographic data, provisional
diagnoses, temperature on presentation and residential location for each patient-episode, and geocoded the
residential addresses. We applied Geographical Information System technology to study the geographical
distribution these cases, and their associations within a 50-m buffer zone spatially. A case cluster was defined by
three or more spatially associated febrile patients within each three consecutive days.

Results: One thousand and sixty six patient-episodes were eligible for analysis; 42% of them had fever (>37°C; oral
temperature) on presentation. Two hundred and four patient-episodes (19.1%) came from residential care homes
for elderly (RCHE). We detected a total of 40 case clusters during the study period. Clustered cases were of older
age; 57 (33.3%) were residents of RCHE. We found a median of 3 patients (range: 3 - 8) and time span of 3 days
(range: 2 - 8 days) in each cluster. Twenty five clusters had 2 or more patients living in the same building block; 18
of them were from RCHE.

Conclusions: It is technically feasible to perform surveillance on febrile patients and studying their spatiotemporal
associations. The information is potentially useful for early detection of impending infectious disease threats.

Background
With the lessons learnt from the severe acute respira-
tory syndrome (SARS) epidemic in 2003 and heightened
awareness on emerging infectious diseases, e.g. avian
influenza [1,2], there has been a clear demand globally
on effective infectious disease surveillance mechanisms
that can achieve early event detection and health situa-
tional awareness. As a result, automated syndromic sur-
veillance systems have emerged in recent years, and its
applicability has been evaluated in various studies. Most
of these reported studies focused on emergency depart-
ment visits, and data were grouped into different syn-
dromes (e.g. respiratory) [3-5]. Through continuous data

collection, secular trend on incidence of specific syn-
dromes and hence thresholds to define abnormal signals
were established [6,7]. However, there was no consistent
approach on syndrome grouping and methodology of
data analysis.
Fever is an undifferentiated clinical feature that is

often present in patients with infections. Incorporation
of fever as a syndrome may enhance the sensitivity of
surveillance systems. Furthermore, by mapping of resi-
dential areas of febrile patients and studying their spa-
tiotemporal associations, it is possible to detect case
clustering that herald imminent threat of infectious dis-
ease outbreaks in the community.

Methods
We attempted to study the spatiotemporal associations
of emergency department visits that presented with
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fever and hospitalized, and identified clustering of cases
to predict occurrence of outbreaks.
Tai Po (147.84 km2) is a district in the Hong Kong

Special Administrative Region of China and it has a
population of about 300,000 residents. Most of the resi-
dents in this district are living in apartment buildings
with multiple (3 to over 30) storeys, a typical floor of
which contains 4 to 8 flats that measure 40 to 90 m2 in
size.
Alice Ho Miu Ling Nethersole Hospital (AHNH) is

the only public hospital that provides acute medical ser-
vices to the residents of Tai Po. Following the outbreak
of SARS in 2003, all emergency department visits are
screened for the body temperature, and patients with
fever are segregated in a separate waiting area. We pro-
spectively captured consecutive emergency department
visits of AHNH that led to hospital admissions during
the period of 12 Sep 2005 to 14 Oct 2005, both days
inclusive. For each patient-episode, we obtained data on
demographics, temperature on presentation, provisional
diagnoses, destined ward for admission and residential
location. These data were available from the Clinical
Management System, an electronic platform that is in
place at all public hospitals in Hong Kong for retrieval
of archived patient information (e.g. emergency depart-
ment attendance record, hospital discharge summary,
results of investigations etc.) and clinical management
(e.g. request of laboratory tests, prescription of medica-
tions, etc.). The provisional diagnoses were recorded in
a text field and we went through them manually to
decide whether they represented infections or not. In
AHNH, each clinical department owned its designated
wards and patients were assigned their destined wards
by their presenting illnesses. In addition, designated iso-
lation wards for contagious infections (e.g. open pul-
monary tuberculosis) were available under the medical
and paediatric departments. The information on des-
tined wards would facilitate outbreak investigation and
infection control when clustering of febrile patients was
found. As we focused on the detection of case clustering
within Tai Po, we excluded patient-episodes with resi-
dential addresses without this district.
Each textural residential address was transformed to x

and y coordinates in Hong Kong Grid 1980. Using Geo-
graphical Information system (GIS) technology, data
were created and geocoded in the form of point data.
Each patient-episode was represented by a point and the
rest of data were recorded in an attribute table. The
creation of point data enabled spatial visualization and
analysis of these patient-episodes.
In studying the spatial associations among patient-epi-

sodes, we assumed that the most usual activity space of
each patient was around 50 meters (m) from the respec-
tive residential location, and a 50 m buffer (i.e. a 50 m

radius circle) was created for each point. If there was
overlapping of two or more activity spaces, it might
indicate associations among these patients in terms of
their illnesses. Thus, spatially adjoining buffers were
then merged to form a bigger buffer. Each three conse-
cutive days was used as a temporal unit when analyzing
the spatial associations. The data were left-censored by
the emergency department attendance date.
Numerical variables were summarized as either mean

and standard deviation (SD) or median and range, which-
ever was appropriate. Categorical variables were summar-
ized as percentages. Unpaired Student’s t-test and Chi-
square test were used for univariate analyses. We defined
fever as an oral temperature above 37°C or equivalent,
and a case cluster as 3 or more spatially associated
patient-episodes with fever during each 3-day period.
The spatial growth of each cluster was monitored in GIS
and the corresponding time span was recorded. The data
points of the final map have been randomly distributed
within a radius of 50 meters, which did not therefore
show the actual residential locations of patients in the
study. ESRI ArcGIS version 9.2 was used for the GIS
related data processing and analyses, and SPSS version
13 was used for other statistical analyses.
This study was approved by the Survey and Beha-

vioural Research Ethics Committee, the Chinese Univer-
sity of Hong Kong.

Results
We identified 1538 patient-episodes (by 1413 patients),
and successfully geocoded the residential addresses in
1320 of them. After exclusion of patient-episodes with
residential locations without the Tai Po district, 1066
patient-episodes were eligible for analysis. Of these, 204
(19.1%) were from residential care homes for elderly
(RCHE).
Among the 1066 patient-episodes, 448 (42.0%) were

febrile on presentation (Figure 1). Younger patients,
especially those aged less than 12 years, were more
likely to present with fever (Table 1). Two hundred and
nine patients with fever were provisionally diagnosed to
have infections at the emergency department (47.2% vs.
7.8% of patients with normal temperature). Table 2
summarizes the top 5 diagnoses in these 2 groups of
patients.
We identified 40 clusters (comprising 171 patient-epi-

sodes) during the study period. Most clusters contained 3
patients (23 clusters had 3 patients, 5 clusters had 4, 4
clusters had 5, 5 clusters had 6, 1 cluster had 7 and 2
clusters had 8; median cluster size: 3 patients). Twenty
five clusters (62.5%) had two or more patients living in
the same building block; of these, 18 (45.0%) had two or
more patients living in the same RCHE. Clustered cases
were of older age, and residents of RCHE were
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responsible for 33.3% of the cases (Table 1). Spatiotem-
poral evolution of clusters was monitored and visualized
graphically by the GIS (Figure 2), and they lasted for a
median of 3 days (range: 2 - 8 days). Subsequent analysis
of the results on microbiological investigations revealed
evidence of parainfluenza virus as a probable etiological
cause in one cluster and respiratory syncytial virus in
another; both clusters were associated with RCHE.

Discussion
Previous studies on syndromic surveillance of emer-
gency department visits usually focused on the temporal
trend of specific clinical syndromes (e.g. respiratory, gas-
trointestinal, etc.) [3-7]. While GIS is often incorporated
into syndromic surveillance systems nowadays, it is
mainly used to visualize burden of specific clinical syn-
dromes or diseases in different parts of a city or country

Table 1 Univariate analysis on (1) patients with fever vs. patients with normal temperature; (2) patients within
clusters vs. non-cluster patients.

(1) Patients with fever vs. patients with normal temperature (n = 1066)

Fever
(n = 448)

Normal temperature
(n = 618)

Odds ratio (95% confidence interval)

Age (mean ± SD)‡ 51.7 ± 31.7 60.8 ± 25.7 -

Age ≤12 years (number, %)‡ 87 (19.4%) 54 (8.7%) 2.52 (1.75, 3.62)

Age 13 years to 64 years (number, %) 166 (37.1%) 235 (38.0%) 0.96 (0.75, 1.23)

Age ≥65 years (number, %)‡ 195 (43.5%) 329 (53.2%) 0.68 (0.53, 0.87)

RCHE* residents (number, %) 98 (21.9%) 106 (17.2%) 1.35 (1.00, 1.84)

Infections diagnosed (number, %)‡ 209 (47.2%) 48 (7.8%) 10.55 (7.44, 14.95)

(2) Patients within clusters† vs. non-cluster patients (all had fever, n = 448)

Cluster
(n = 171)

Non-cluster
(n = 277)

Odds ratio (95% confidence interval)

Age (mean ± SD)‡ 56.2 ± 30.7 49.0 ± 32.0 -

Age ≤12 years (number, %) 27 (15.8%) 60 (21.7%) 0.68 (0.41, 1.12)

Age 13 years to 64 years (number, %) 63 (36.8%) 103 (37.2%) 0.99 (0.66, 1.46)

Age ≥65 years (number, %) 81 (47.4%) 114 (41.2%) 1.29 (0.88, 1.89)

RCHE* residents (number, %)‡ 57 (33.3%) 41 (14.8%) 2.88 (1.82, 4.57)

Infections diagnosed (number, %) 85 (49.7%) 124 (44.8%) 1.20 (0.82, 1.76)

*RCHE: residential care homes for elderly.
†Defined as 3 or more spatially associated patient-episodes with fever during each 3 consecutive days.
‡p-value < 0.05
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Figure 1 Daily admission rate through the emergency department and distribution of patients with fever.
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[8,9]. Spatiotemporal analysis by means of the space-
time scan statistics has been gaining popularity in recent
years [10,11]. Our surveillance methodology provides
additional information on the spatiotemporal associa-
tions and hence possible clustering of cases.
We used fever as an indicator of infections in this study.

Though non-specific, it has the advantage of being mea-
surable objectively. Also, clinical manifestations of emer-
ging infectious diseases can be protean, and there is a
potential chance of underestimating the degree of disease
burden in community if we concentrate on a limited num-
ber of clinical syndromes in conducting syndromic surveil-
lance. On the other hand, fever is an undifferentiated
clinical feature that occurs commonly in most infectious
diseases. We expect improvement on sensitivity of out-
break detection when incorporating fever as a syndrome
into surveillance systems. We selectively recruited emer-
gency department visits that led to hospitalizations for
three operational reasons. Firstly, these patients represent
a more severe end of spectrum of illnesses; if we detect a
cause of impending infectious disease outbreak that can
lead to severe illnesses, the impact on public health will be
greater. Secondly, when a cluster is detected, it is possible
for us to carry out the necessary investigations with
respect to the etiology of the hospitalized patients and ver-
ify whether there is a genuine outbreak. Thirdly, early
identification of case clusters that are potentially asso-
ciated with outbreaks will facilitate infection control man-
agement within the hospital, e.g. cohorting of cases [12].
The definition of case cluster in this study is somehow
arbitrary. We tried to use a common sense approach in
deriving this definition: a cluster of three or more persons
with the same clinical syndrome is often regarded as epi-
demiologically significant in outbreak investigation; a time
frame of 3 days (to define temporal association) is within
the incubation period of most infectious diseases [13]; and
an activity space of 50 m in radius should meet the living
conditions for most of the people living in the district
under our study. We examined the effect of variation of
the buffer zone radius and duration of the temporal unit
on the number of clusters detected. The results were sum-
marized in Table 3. Taking this and the aforementioned

rationales into account, we considered that a buffer zone
radius of 50 m and temporal unit of 3 consecutive days be
appropriate for our data analysis.
Application of GIS allows direct visualization on the

geographic pattern and spatiotemporal evolution of case
clustering. This can give us an immediate perception on
the extent of the problem, and it may also help to assess
the efficacy of public health interventions on the control
of an established outbreak.
There are several important findings in this study.

Firstly, younger patients were more likely to have fever
as presenting illness to emergency departments. Elderly
people were not more likely to have fever; but if they
did, they tended to cluster. Secondly, among the 40
clusters identified in this study, 25 had 2 or more
patients living in the same residential premises. Spread-
ing of infections by a novel pathogen in residential pre-
mises could result in potentially devastating
consequences; a major outbreak of SARS in a housing
estate in Hong Kong is a vivid reminder on the possible
sequelae [14,15]. Thirdly, a significant proportion of
patients (19.1%) were residents of RCHE, and they con-
tributed to 45% of clusters identified in this study. Resi-
dents of RCHE are often susceptible to infections
because of their advanced age and presence of co-mor-
bidities. Outbreaks of infectious diseases in RCHE are
common, and result in a significant burden to the
healthcare system. The high percentage of elderly
patients and residents of RCHEs in this cohort reflects
their health seeking behavior and the population aging
in Hong Kong. In this locality, healthcare is mainly pro-
vided by the Hospital Authority, a government funded
organization which provides territory-wide, hospital-
based medical services to the citizens in Hong Kong.
Moreover, a substantial proportion of residents in
RCHEs are physically dependent and hospitalized
repeatedly because of the underlying medical conditions.
Therefore, there is often a tendency for the care provi-
ders to send these patients to emergency departments
for clinical management. Together with the lower
threshold for hospital admission, results in this study
were skewed towards the elderly population. In Hong
Kong, fever surveillance at sentinel RCHE (percentage of
residents that are febrile) has been in place since 2007.
Otherwise, detection of clustering relies solely on pas-
sive reporting by staff of RCHE. Aging is a challenge to
health authorities in most industrialized countries and
development of a surveillance system for detection of
severe infections in geriatric patients would be an
important step to safeguard their health [16].
Traditionally, temporal association of cases with com-

patible clinical syndromes formed the basis on definition
of outbreaks [6,17]. Spatiotemporal analysis adds
another dimension on the evaluation of syndromic data

Table 2 Top 5 diagnoses made at the emergency
department

Patients with fever Patients with normal
temperature

Fever, not otherwise specified Chest pain, not otherwise specified

Decreased general condition Decreased general condition

Pneumonia/chest infection Dizziness, not otherwise specified

Sepsis, not otherwise specified Chronic obstructive airway disease

Chronic obstructive airway
disease

Dyspnea, not otherwise specified
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Figure 2 Spatial display of the cases. 2A: Distribution of individual cases. 2B: An example on spatiotemporal evolution of clusters.
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for early event detection and health situational aware-
ness. Advances in space-time scan statistics and avail-
ability of a computer software resulted in major
breakthroughs in this area [10,11]. Its fundamental prin-
ciple is the application of a scanning window that
moves across space and/or time. For each location and
size of the window, the number of observed and
expected cases is counted. The window with most
excess of observed cases (i.e. a cluster) is noted. The sta-
tistical significance of this cluster is thus evaluated. This
method provides an objective estimate on the likelihood
of clustering, and it has been applied in the study of
geographical distribution of diseases over a period of
time [18,19], investigations of outbreaks and their pro-
gression [20,21], and analysis of syndromic data from
emergency department visits [10,22], among the others.
As an example, in the spatiotemporal analysis of syndro-
mic data ‘’fever/flu’’ from the New York City Emergency
Department Syndromic Surveillance System [10], 4 sig-
nals suggestive of possible clustering were detected over
a period of one week when using the geographical coor-
dinates of the patients’ residential zip codes, a radius of
5 km and the time span of 7 days. This and other stu-
dies on the spatiotemporal analysis of syndromic data
from emergency department visits often focused on
more specific syndrome groups (e.g. diarrhea, respiratory
illness, etc.) [22,23]; this is in contrast with our
approach of fever surveillance, which relies on a non-
specific indicator of infections. The essence of space-
time scan statistics is detection of the excess number of
cases under study in a pre-defined time frame and area;
our method provides complementary information on
spatiotemporal associations among individual cases.
Limited by differences in the populations under study,
healthcare infrastructure, syndromic data in question
and methods of analysis, direct comparison of results in
this study and literature reports is difficult.
Taking into account the relatively short study period,

the number of clusters detected by our surveillance
methodology was substantial. This result was expected,
as our surveillance method was based on a sensitive and
non-specific indicator of infection. Nevertheless, since
all the recruited cases were hospitalized, their clinical
course and results of relevant investigations were readily
available for review. Thus, it was not difficult to verify

whether these clusters represented genuine outbreaks.
We consider it be technically feasible to build an auto-
mated surveillance system through expansion of the
functions on our existing electronic platform. As of the
time of writing, development of a territory-wide electro-
nic communicable disease information and surveillance
system is under way in Hong Kong.
This study has several limitations. Firstly, since we

used the residential addresses of our patients for spatio-
temporal analysis, we were unable to detect potential
outbreaks that occurred in other important community
indwelling facilities like schools or child care centers.
Secondly, the system was not automated at the time of
study. Thirdly, as a pilot study, we have not investigated
the case clusters in a real time manner. Fourthly, we
have not categorized our patients based on their provi-
sional diagnoses at emergency department to refine the
definition of case cluster. However, as illustrated in
Table 2, the provisional diagnoses were often non-speci-
fic. This phenomenon is in part explained by the skew-
ing of our results towards elderly population, and it is
not uncommon for them to present with multiple,
vague symptoms. Finally, due to constraints in
resources, we were only able to analyze the data from a
one-month period. Hence, the effect of seasonal varia-
tion on incidence of various infections was not
addressed. For example, there are typically 2 influenza
peak seasons in Hong Kong, namely July to August and
December to February of next year.

Conclusions
In conclusion, it is technically feasible to perform sur-
veillance based on simple and objective data on patients’
temperature and studying the spatiotemporal associa-
tions among febrile patients. Further study is needed to
test the applicability of our method on other syndromic
data, refine the definition of case clustering, define the
signal to noise ratio, determine effect of inclusion of
other data (e.g. admission diagnosis) on the alert thresh-
old, test the effect of system automation, and evaluate
its impact on the prevailing healthcare systems.

Acknowledgements
This project was funded by a project grant from the Research Fund for the
Control of Infectious Diseases, Food and Health Bureau, the Government of
Hong Kong Special Administrative Region.

Author details
1Department of Medicine, Alice Ho Miu Ling Nethersole Hospital, Tai Po,
Hong Kong. 2Stanley Ho Centre for Emerging Infectious Diseases, School of
Public Health and Primary Care, the Chinese University of Hong Kong, Hong
Kong. 3Accident and Emergency Department, Alice Ho Miu Ling Nethersole
Hospital, Tai Po, Hong Kong.

Authors’ contributions
KWC participated in the study design and data collection, and drafted the
manuscript. NSW participated in the study design and performed the

Table 3 Effect of variation on radius and temporal unit
on the number of clusters detected.

Duration of temporal unit

Buffer radius 1 day 3 days 5 days

25 m 2 21 35

50 m 6 40 51

100 m 31 25 17

Choi et al. BMC Public Health 2010, 10:84
http://www.biomedcentral.com/1471-2458/10/84

Page 6 of 7



spatiotemporal analysis of the data. LYL participated in the data collection.
SSL conceived of the study, participated in its design, performed statistical
analysis, and helped to draft the manuscript. All authors read and approved
the final manuscript.

Competing interests
The authors declare that they have no competing interests.

Received: 21 July 2009
Accepted: 20 February 2010 Published: 20 February 2010

References
1. Peiris JSM, Yuen KY, Osterhaus ADME, Stohr K: The Severe Acute

Respiratory Syndrome. N Engl J Med 2003, 349:2431-2441.
2. The Writing Committee of the World Health Organization (WHO)

Consultation on Human Influenza A/H5: Avian Influenza A (H5N1)
Infection in Humans. N Engl J Med 2005, 353:1374-85.

3. Tsui FC, Wagner MM, Dato V, Chang CC: Value of ICD-9 coded chief
complaints for detection of epidemics. J Am Med Inform Assoc 2002, 9(6
Suppl 1):s41-s47.

4. Heffernan R, Mostarshari F, Das D, Karpati A, Kulldorff M, Weiss D:
Syndromic surveillance in public health practice, New York City. Emerg
Infect Dis 2004, 10(5):5237-5240.

5. Hope K, Durrheim DN, Muscatello D, Merritt T, Zheng W, Massey P,
Cashman P, Eastwood K: Identifying pneumonia outbreaks of public
health importance: can emergency department data assist in earlier
detection?. Aust N Z J Public Health 2008, 32(4):361-363.

6. Reis BY, Pagano M, Mandl KD: Using temporal context to improve
biosurveillance. Proc Natl Acad Sci USA 2003, 100(4):1961-5.

7. Siswoyo H, Permana M, Larasati RP, Farid J, Suryadi A, Sedyaningsih ER:
EWORS: using a syndromic-based surveillance tool for disease outbreak
detection in Indonesia. BMC Proc 2008, 2(Suppl 3):S3.

8. Wu TS, Shih FY, Yen MY, Wu JS, Lu SW, Chang KC, Hsiung C, Chou J, Chu Y,
Chang H, Chiu C, Tsui FR, Wagner MM, Su I, King C: Establishing a
nationwide emergency department-based syndromic surveillance
system for better public health responses in Taiwan. BMC Public Health
2008, 8:18.

9. Moore KM, Edgar BL, McGuinness D: Implementation of an automated,
realtime public health surveillance system linking emergency
departments and health units: rationale and strategy. CJEM 2008,
10(2):114-119.

10. Kulldorff M, Heffernan R, Hartman J, Assunção R, Mostashari F: A space-
time permutation scan statistic for disease outbreak detection. PLoS Med
2005, 2(3):e59.

11. SaTScan - a software for the spatial, temporal and space-time scan
statistics. http://www.satscan.org.

12. Kawana A, Teruya K, Kirikae T, Sekiguchi J, Kato Y, Kuroda E, Horii K, Saito S,
Ohara H, Kuratsuji T, Kimura S, Kudo K: “Syndromic surveillance within a
hospital” for the early detection of a nosocomial outbreak of acute
respiratory infection. Jpn J Infect Dis 2006, 59(6):377-379.

13. Glass RJ, Glass LM, Beyeler WE, Min HJ: Targeted social distancing design
for pandemic influenza. Emerg Infect Dis 2006, 12(11):1671-1681.

14. Chu CM, Cheng VC, Hung IF, Chan KS, Tang BS, Tsang TH, Chan KH,
Yuen KY: Viral load distribution in SARS outbreak. Emerg Infect Dis 2005,
11(12):1882-1886.

15. Yu ITS, Li Y, Wong TW, Tam W, Chan AT, Lee JHW: Evidence of Airborne
Transmission of the Severe Acute Respiratory Syndrome Virus. N Engl J
Med 2004, 350:1731-1739.

16. Meurer WJ, Smith BL, Losman ED, Sherman D, Yaksich JD, Jared JD,
Malani PN, Younger JG: Real-time identification of serious infections in
geriatric patients using clinical information system surveillance. J Am
Geriatr Soc 2009, 57(1):40-45.

17. Craigmile PF, Kim N, Fernandez SA, Bonsu BK: Modeling and detection of
respiratory-related outbreak signatures. BMC Med Inform Decis Mak 2007,
7:28.

18. McNally RJ, Colver AF: Space-time clustering analyses of occurrence of
cerebral palsy in Northern England for births 1991 to 2003. Ann
Epidemiol 2008, 18(2):108-112.

19. Dai D, Oyana TJ: Spatial variations in the incidence of breast cancer and
potential risks associated with soil dioxin contamination in Midland,
Saginaw, and Bay Counties, Michigan, USA. Environ Health 2008, 7:49.

20. Onozuka D, Hagihara A: Spatial and temporal dynamics of influenza
outbreaks. Epidemiology 2008, 19(6):824-8.

21. Cooper DL, Smith GE, Regan M, Large S, Groenewegen PP: Tracking the
spatial diffusion of influenza and norovirus using telehealth data: a
spatiotemporal analysis of syndromic data. BMC Med 2008, 6:16.

22. Takahashi K, Kulldorff M, Tango T, Yih K: A flexibly shaped space-time scan
statistic for disease outbreak detection and monitoring. Int J Health
Geogr 2008, 7:14.

23. Yih KW, Abrams A, Danila R, Green K, Kleinman K, Kulldorff M, Miller B,
Nordin J, Platt R: Ambulatory-care diagnoses as potential indicators of
outbreaks of gastrointestinal illness–Minnesota. Morb Mortal Wkly Rep
2005, 54(Suppl):157-162.

Pre-publication history
The pre-publication history for this paper can be accessed here:http://www.
biomedcentral.com/1471-2458/10/84/prepub

doi:10.1186/1471-2458-10-84
Cite this article as: Choi et al.: Surveillance of febrile patients in a
district and evaluation of their spatiotemporal associations:
a pilot study. BMC Public Health 2010 10:84.

Submit your next manuscript to BioMed Central
and take full advantage of: 

• Convenient online submission

• Thorough peer review

• No space constraints or color figure charges

• Immediate publication on acceptance

• Inclusion in PubMed, CAS, Scopus and Google Scholar

• Research which is freely available for redistribution

Submit your manuscript at 
www.biomedcentral.com/submit

Choi et al. BMC Public Health 2010, 10:84
http://www.biomedcentral.com/1471-2458/10/84

Page 7 of 7

http://www.ncbi.nlm.nih.gov/pubmed/14681510?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/14681510?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16192482?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16192482?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18782400?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18782400?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18782400?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12574522?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/12574522?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19025680?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19025680?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18201388?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18201388?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18201388?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18371248?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18371248?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18371248?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15719066?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15719066?dopt=Abstract
http://www.satscan.org
http://www.ncbi.nlm.nih.gov/pubmed/17186956?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17186956?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17186956?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17283616?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17283616?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/16485474?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15102999?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/15102999?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19170788?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/19170788?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17919318?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17919318?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17855120?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/17855120?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18939976?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18939976?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18939976?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18813019?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18813019?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18582364?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18582364?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18582364?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18402711?dopt=Abstract
http://www.ncbi.nlm.nih.gov/pubmed/18402711?dopt=Abstract
http://www.biomedcentral.com/1471-2458/10/84/prepub
http://www.biomedcentral.com/1471-2458/10/84/prepub

	Abstract
	Background
	Methods
	Results
	Conclusions

	Background
	Methods
	Results
	Discussion
	Conclusions
	Acknowledgements
	Author details
	Authors' contributions
	Competing interests
	References
	Pre-publication history

