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Abstract 

Background  Hypertensive patients are likelier to have cognitive function decline (CFD). This study aimed to explore 
physical activity level, sleep disorders, and type of work that influenced intervention effects on cognitive func-
tion decline in hypertensive patients and to establish a decision tree model to analyze their predictive significance 
on the incidence of CFD in hypertensive patients.

Methods  This cross-sectional study recruited patients with essential hypertension from several hospitals in Shan-
dong Province from May 2022 to December 2022. Subject exclusion criteria included individuals diagnosed 
with congestive heart failure, valvular heart disease, cardiac surgery, hepatic and renal dysfunction, and malig-
nancy. Recruitment is through multiple channels such as hospital medical and surgical outpatient clinics, wards, 
and health examination centers. Cognitive function was assessed using the Mini-Mental State Examination (MMSE), 
and sleep quality was assessed using the Pittsburgh Sleep Quality Index (PSQI). Moreover, we obtained information 
on the patients’ type of work through a questionnaire and their level of physical activity through the International 
Physical Activity Questionnaire (IPAQ).

Results  The logistic regression analysis results indicate that sleep disorder is a significant risk factor for CFD in hyper-
tension patients(OR:1.85, 95%CI:[1.16,2.94]), mental workers(OR:0.12, 95%CI: [0.04,0.37]) and those who perform 
both manual and mental workers(OR: 0.5, 95%CI: [0.29,0.86]) exhibit protective effects against CFD. Compared 
to low-intensity, moderate physical activity(OR: 0.53, 95%CI: [0.32,0.87]) and high-intensity physical activity(OR: 0.26, 
95%CI: [0.12,0.58]) protects against CFD in hypertension patients. The importance of predictors in the decision tree 
model was ranked as follows: physical activity level (54%), type of work (27%), and sleep disorders (19%). The area 
under the ROC curves the decision tree model predicted was 0.72 [95% CI: 0.68 to 0.76].

Conclusion  Moderate and high-intensity physical activity may reduce the risk of developing CFD in hypertensive 
patients. Sleep disorders is a risk factor for CFD in hypertensive patients. Hypertensive patients who engage in mental 
work and high-intensity physical activity effectively mitigate the onset of CFD in hypertensive patients.
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Introduction
Cognitive function decline (CFD) is a transitional stage 
between normal cognitive function and dementia [1], and 
its primary clinical manifestations are cognitive impair-
ment, memory loss, and retention of daily living ability 
[2]. According to the epidemiological survey in China 
in 2020, the prevalence rate of dementia among people 
aged 60 and above was 6.04%, with 15.7 million peo-
ple, among which there were 9.83 million alzheimer’s 
disease(AD) and 38.77 million CFD [3]. As with CFD, 
the risk for developing hypertension increases with age. 
According to the Guidelines for the pharmacological 
treatment of Hypertension in Adults, 1.4 billion people 
worldwide have hypertension in 2021 [4]. Approximately 
70% of people older than 70 years of age worldwide have 
hypertension, and the prevalence increases with age [5]. 
According to Petersen et  al. (2018), the prevalence of 
CFD increases with age and ranges from 6.7% in peo-
ple aged 60 to 64 to 25.2% in people aged 80 to 84 [6]. 
Hypertension is increasingly recognized as a risk factor 
for cognitive impairment [7]. According to the China 
Nationwide Hypertension Survey (2012–2015), 23.2% of 
Chinese individuals aged 18 and older had hypertension 
(244.5 million people) [8]. A 2015–2018 Chinese epide-
miological survey published in 2020 found that the risk 
of developing CFD was 1.62 times higher in hypertensive 
patients than in non-hypertensive patients [3]. Hyper-
tension is recognised as a major risk factor for cognitive 
impairment, potentially increasing the risk of vascular 
dementia and Alzheimer’s disease [7].The pathogenesis 
of hypertension-related CFD is complex and incom-
pletely understood because of aging populations and the 
growing prevalence of hypertension. A growing body of 
evidence shows that the onset and development of CFD 
result from the interaction of several factors. In a prior 
study, researchers discovered and ranked risk factors 
associated with CFD. The study underscored living alone, 
smoking, and a high-fat diet as pivotal factors influencing 
the onset of CFD [9].

Previous research has suggested that several factors, 
including age, hypertension, diabetes, LDL-C, blood 
homocysteine, walking speed, social activities, and risk 
of falling, contribute significantly to the development 
of cognitive function decline. There is a strong associa-
tion between hypertension, diabetes, and cerebrovascu-
lar disease with cognitive function decline. There is also 
an association between cognitive function and dietary 
habits and physical activity. However, most studies have 
only examined the relationship between several factors 
and CFD and have yet to explain further the interaction 
between different factors that affect CFD [10–15]. Deci-
sion trees are a potent and uncomplicated machine learn-
ing model. They have many applications in public health 

and health behavior research, assisting in subgroup iden-
tification based on decision-making processes. Yong 
et al. utilized this method to distinguish high-probability 
and low-probability quitters among smokers, achiev-
ing moderate accuracy rates ranging from 0.62 to 0.71 
[16–20]. As one of the most widely used classification 
and prediction methods, the Decision Tree algorithm can 
comprehensively analyze various factors affecting CFD. 
Moreover, the decision tree approach has been applied 
to forecast mild cognitive decline in senior citizens [9]. 
Wang explored the benefits of using decision tree mod-
eling in clinical and disease management through clinical 
studies, focusing on ease of understanding and interpre-
tation. The results show that decision trees are effective 
in predicting CFD, with an AUC of 0.83[95% CI: 0.80 to 
0.86] on the ROC curve. However, there are limitations 
to this study. The lack of information on lifestyle factors, 
such as the duration, intensity, and type of physical activ-
ity, may affect the usefulness and accuracy of the model. 
Additionally, not enough information on the type and 
frequency of tea consumption may impact the model’s 
accuracy. Furthermore, increasing the sample size is 
expected to improve the consistency and usefulness of 
the model and enhance the credibility of the study. Nev-
ertheless, we scarcely identified any decision tree-based 
model to anticipate mild cognitive debilitation in peo-
ple with hypertension. Therefore, this paper attempts to 
introduce the Chi-squared Automatic Interaction Detec-
tion (CHAID) decision tree algorithm into the analysis 
of influencing factors of CFD in hypertensive patients to 
conduct rapid screening of cognitive impairment with 
maximum accuracy to intervene or delay its occurrence 
and development.

Methods
Study design and population
In this study, a stratified cluster sampling method was 
employed to select five prefecture-level cities in Shan-
dong Province, namely Jinan, Yantai, Weifang, Dongying, 
and Jining. Subsequently, eight hospitals were randomly 
selected from these cities. The primary objective of the 
research was to investigate hypertensive patients in 
these hospitals, and the recruitment process took place 
from May 2022 to December 2022. Individuals aged 40 
and over who were diagnosed with essential hyperten-
sion were recruited to participate in this study, and CFD 
diagnoses were made by two experienced physicians. 
Patients with congestive heart failure, valvular heart dis-
ease, cardiac surgery, liver and kidney dysfunction, and 
malignancy were excluded from the study. The Medical 
Research Ethics Committee of the Affiliated Hospital of 
Shandong University of Traditional Chinese Medicine 
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approved this study (( 2020) Lunshen No. ( 011) -KY|).
Informed consent was obtained from all participants.

Data collection
Structured questionnaires were administered to collect 
information on confounding variables related to cognitive 
function decline, including sociodemographic character-
istics, educational level, type of work, lifestyle, medical 
history, and current medications. We classified occupa-
tion types into three categories: mental labor (profession-
als, government), both manual and brain labor (skilled 
workers, service providers, merchants), and manual labor 
(farmer, factory worker, manufacturing, transportation) 
[21, 22]. Sleep quality was measured using the Pittsburgh 
Sleep Quality Index (PSQI), and daily physical activ-
ity was assessed using the International Physical Activ-
ity Questionnaire (IPAQ). Data were stored on a secure 
server with access restricted to authorized personnel.

Professional nurses measured blood pressure in a quiet 
environment and performed anthropometric measure-
ments such as height, weight, and waist circumference 
on subjects wearing light clothing and no shoes. Fast-
ing blood glucose (FBG), triglycerides (TG), total cho-
lesterol (TC), low-density lipoprotein (LDL), and serum 
creatinine (SCr) were measured in all subjects after 
overnight fasting. The lipid accumulation product (LAP) 
index was calculated according to the following equa-
tions: LAP = [waist circumference (WC) (cm) – 65] × TG 
(mmol/L) for males and [WC (cm) – 58] × TG (mmol/L) 
for females (65 and 58 represent the estimated minimum 
WC values for men and women, respectively) [23].

Cognitive function assessment
Cognitive function was assessed in this study using the 
MMSE. The MMSE demonstrates significant sensitivity 
to cognitive impairment in construct validity tests. A cor-
relation between the Blessed Information-Memory-Con-
centration test, which assesses cognitive functioning, and 
the MMSE ranged from 0.70 to 0.90. According to Fore-
man [24], the MMSE has a reliability ranging from 0.77 to 
0.99. Folstein [25] developed the MMSE, and later modi-
fied by Li has a Cronbach’s alpha of 0.97in its Chinese 
version [26]. The MMSE assesses five cognitive domains: 
orientation, attention, memory, language, and visuos-
patial ability. It is a highly sensitive cognitive screening 
tool that detects and discriminates patients with cogni-
tive impairment from cognitively normal individuals. The 
MMSE has a total score of 30, with higher scores indicat-
ing better cognitive function [27]. Subjects who obtained 
scores lower than 27 on the MMSE were diagnosed with 
cognitive function decline [28, 29].

Anthropometric measurements of adiposity
Patients’ weight and height were measured while they 
were wearing light clothing. Body mass index (BMI) was 
calculated as weight (kg) divided by the square of height 
(m2). Obesity (BMI > 30) or not [16] was determined by 
BMI [30]. An experienced nurse measured waist circum-
ference (WC) at the midway point between the lower 
edge of the rib cage and the iliac crest. The measurement 
was taken twice, and the average value was recorded [31].

Definition of hypertension
Blood pressure readings were obtained from all partici-
pants during a single visit. Systolic blood pressure (SBP) 
and diastolic blood pressure (DBP) were measured 
every 2 min, and the average of three consecutive read-
ings was calculated. Hypertension was defined as SBP of 
140 mmHg or higher, DBP of 90 mmHg or higher, or the 
use of antihypertensive medication [27].

Pittsburgh sleep quality index
A total of 18 items were scored, including seven compo-
nents: subjective sleep quality, sleep onset latency, sleep 
duration, sleep efficiency, sleep disturbance, hypnotic 
medication, and daytime dysfunction. Total scores range 
from 0 to 21, with higher scores indicating worse sleep 
quality. In this study, PSQI > 7 was defined as a sleep dis-
order [32].

Physical activity levels
The International Physical Activity Questionnaire (IPAQ) 
[33–35] assessed physical activity (PA) levels. By report-
ing the duration of vigorous activity, moderate activity, 
and walking the previous week, participants’ MET val-
ues were estimated by combining various PA types using 
corresponding coefficients. One MET corresponds to the 
energy expended by sitting quietly. Eight is the coefficient 
of the compendium average MET for vigorous activity. 
For moderate physical activity, the coefficients were four. 
For walking as a physical activity, the coefficients were 
3.3. Physical activity was categorized into low, moder-
ate, and high. PA must satisfy one of the following two 
requirements to be classified as high: (1) At least 1,500 
MET-min/week of vigorous exercise, performed at least 
three days each week. (2) Walking, strenuous activity, 
or any combination of the three for at least five days per 
week, collecting at least 3,000 MET-min each week; One 
of the following four requirements must be met for PA to 
be classified as moderate: (1) Perform intense movement 
for at least 20 min three days a week. (2) Moderate exer-
cise five days a week for at least 30 min. (3) Walking five 
or more days a week for at least 30 min each time. (4) A 
weekly average of at least 600 MET-min in total.
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Smoking and drinking status
Smoking was defined as: (1) having smoked fewer than 
100 cigarettes, never a smoker; (2) having smoked 
more than 100 cigarettes and not currently smoking, 
former smoker; and (3) having smoked more than 100 
cigarettes and currently smoking, current smoker [36]. 
In the analysis, passive smokers were not taken into 
account [37]. Drinking was defined as drinking alco-
hol on average every week for more than one year and 
still drinking at the time of the study. Participants were 
classified into current drinkers, nondrinkers, and ex‐
drinkers [38].

Statistical analysis
The statistical analysis was conducted using SPSS version 
24.0. Quantitative data were presented as mean ± stand-
ard deviation (SD) or median (interquartile range), and 
group differences were compared using either the T test 
or the Mann–Whitney U test. Categorical variables were 
expressed as frequencies (percentages), and group differ-
ences were assessed using the chi-square test. Logistic 
regression models, both single-factor and multi-factor, 
were utilized to identify risk factors for cognitive decline, 
with cognitive decline serving as the dependent variable. 

A predetermined significance level of P < 0.05, using a 
two-tailed test, was employed to determine statistical 
significance. Logistic regression analysis was employed 
to identify the risk factors. The education level was cat-
egorized with Primary school or below as the reference 
group, the work type was categorized with manual work 
as the reference group, and the physical activity was 
categorized with light as the reference group. The deci-
sion tree model was constructed using the decision tree 
CHAID algorithm of IBM SPSS Modeler 18.0 software. 
To evaluate overfitting, the model was tested using the 
cross-validation method. The sampling consisted of ten 
groups, and the decision tree had a maximum depth of 
three. The parent node contained at least 50 samples, 
while the child nodes contained at least 20 samples. The 
split confidence level was set at 95%. ROC curves were 
generated utilizing MedCalc 19 software. The diagnostic 
performance of the decision tree models was assessed 
using both MedCalc V.19 and the Clinical Utility Index 
Calculator.

Results
Figure 1 shows a flow chart describing the selection pro-
cess of the participants in this study.

Fig. 1  Flow chart of the study population
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Participants and baseline characteristics
Table  1 displays the demographic and clinical char-
acteristics of the participants in the study. Out of the 
733 hypertensive patients, 131 were diagnosed with 
CFD, with 63 males and 68 females. The remaining 602 
patients did not show any cognitive impairment (NCI), 
with 293 males and 309 females. It was observed that 
the CFD group had a higher average age, which was sig-
nificantly associated with cognitive decline (p < 0.01). 
Additionally, the CFD group exhibited higher levels 
of physical characteristics such as WC, BMI, left ven-
tricular diameter (LVD), left atrial diameter (LAD), 
and right atrial diameter (RAD) (p < 0.05), while there 

was no difference between the two groups in terms of 
right ventricular diameter (RVD)(p > 0.05). Individu-
als with lower levels of education and those engaged 
in manual labor were found to be more susceptible to 
cognitive impairment (p < 0.05). In terms of lifestyle 
habits, the NCI group showed a higher prevalence of 
smoking (p < 0.05), while there was no difference in 
average monthly salt intake and alcohol consumption 
history between the two groups. Regarding medication, 
patients in the NCI group were more likely to use beta-
blockers and angiotensin-converting enzyme inhibitors 
(ACEI)/angiotensin receptor blockers (ARB) (p < 0.05), 
with no statistical difference in the use of calcium 

Table 1  Baseline characteristics of hypertensive patients with no cognitive impairment and cognitive function decline

Data are presented as mean ± SD, median [IQR] or n(%)

Abbreviations: NCI no cognitive impairment, CFD cognitive function decline, BMI body mass index, MMSE mini-mental state examination, RAD right atrial diameter, LAD 
left atrial diameter, RVD right ventricular diameter, LVD left ventricular diameter,   ACEI angiotensin converting enzyme inhibitors, ARB angiotensin receptor blocker, 
CCBs calcium channel blockers
* Statistically significant value (p < 0.05)

Variables NCI(n = 602) CFD(n = 131) P-value

Age, years 65.90 ± 10.49 76.07 ± 7.80  < 0.001*

Sex (Male), n (%) 293.00(48.67) 63.00(48.09) 0.904

Smoking, n (%) 92.00(15.28) 11.00(8.40) 0.040*

Drinking, n (%) 111.00(18.44) 18.00(13.74) 0.201

Marital status, n (%) 0.202

  Married 589.00(97.84) 125.00(95.42)

  Unmarried, divorced or widowed 13.00(2.16) 6.00 (4.58)

Educational level, n (%) 0.048*

  Primary school or below 230(38.21) 65.00(49.61)

  Junior high school or senior high school 336.00(55.81) 61.00(46.56)

  University or above 36.00(5.98) 5.00(3.82)

Type of work, n (%)  < 0.001*

  Manual labor 295.00(49.00) 99.00(75.57)

  Mental labor 97.00(16.11) 4.00(3.05)

  Both manual and brain labor 210.00(34.88) 28.00(21.37)

  Obesity 269(44.7) 70(53.4) 0.069

  Waist circumference, cm 82.78 ± 15.64 87.30 ± 12.65  < 0.001*

  BMI, kg/m2 24.76 ± 3.26 25.38 ± 3.11 0.049*

  MMSE score, points 29.24 ± 1.00 22.48 ± 3.63  < 0.001*

  Average salt intake per month, g 300.00[180.00, 600.00] 270.00[180.00, 450.00] 0.051

Imaging parameters

  LVD (mm) 47.13 ± 6.57 49.02 ± 5.71 0.002*

  RVD (mm) 21.91 ± 3.00 22.47 ± 3.87 0.066

  LAD (mm) 36.39 ± 5.76 38.92 ± 6.55  < 0.001*

  RAD (mm) 32.77 ± 5.60 34.91 ± 6.51  < 0.001*

Medication information, n (%)

  ACEI/ARBs use 394.00(65.45) 69.00(52.00) 0.006*

  Beta-blockers use 125.00(20.76) 17.00(13.00) 0.041*

  CCBs use 364.00(60.47) 81.00(61.83) 0.772

  Diuretics use 113.00(18.77) 24.00(18.32) 0.905
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channel blockers (CCBs) and diuretics. There was no 
difference between the two groups in terms of gender 
and marital status (p > 0.05). These findings suggest that 
cognitive decline in patients with CFD may be influ-
enced by various factors, including older age, abnor-
mal physical characteristics, lower levels of education, 
engagement in manual labor, and specific medication 
usage.

As indicated in Table 2, individuals experiencing CFD 
exhibited a prolonged period of hypertension, elevated 
SBP and DBP, and increased levels of LAP and serum 
creatinine (p < 0.05). However, initial analyses revealed 
no statistically significant disparities between the two 
groups in relation to FBG, TG, TC, and LDL-C (p > 0.05).

According to Table 3, individuals suffering from hyper-
tension with CFD had worse sleep quality and appeared 
to be more prone to sleep disturbances (P < 0.01).

The physical activity level of each group is shown in 
Table  4. Hypertensive patients with vigorous physical 
activity levels had a lower risk of CFD than low and mod-
erate physical activity levels(p < 0.01).

Multivariate regression analyses
The ORs for the multivariate model of cognitive func-
tion decline according to prespecified influencing fac-
tor are shown in Table  5. A binary logistic regression 
analysis revealed several factors contributing to CFD: 
age, work type, physical activity level, sleep disorders, 
ACEI/ARB usage, and Beta-blocker usage. Among these, 
age ≥ 65 years (OR: 8.68, 95% CI [3.64, 20.72], p < 0.001) 
and the presence of sleep disorders (OR: 1.85, 95% CI 
[1.16, 2.94], p < 0.05) emerged as risk factors for CFD. 
Regarding work types, patients in mental work (OR: 
0.12, 95% CI [0.04, 0.37], p < 0.001) and those engaged 
in both mental and manual work (OR: 0.5, 95% CI [0.29, 
0.86], p < 0.05) displayed lower risk. Moreover, moderate-
intensity physical activity (OR: 0.53, 95% CI [0.32, 0.87], 
p < 0.05) and vigorous-intensity physical activity (OR: 
0.26, 95% CI [0.12, 0.58], p < 0.05), as well as the use of 
ACEI/ARB (OR: 0.61, 95% CI [0.39, 0.95], p < 0.05) and 
beta-blockers (OR: 0.48, 95% CI [0.25, 0.93], p < 0.05), 
were found to have a protective effect against the devel-
opment of CFD.

Decision tree model of the influence of lifestyle on CFD
The data were checked for accuracy and assignment of 
values to the research variables (Table  6). The variables 
that showed statistical significance in the univariate anal-
ysis were chosen for the decision tree analysis (Table 5). 
These variables included physical activity level, type of 
work, and sleep disorder, which were selected for each 
decision tree model node. The root node variable used 
was physical activity level.

The results showed that the probability of CFD in 
hypertensive patients with moderate above physical 
activity was 6.215% (11 cases), lower than those with 
light to moderate physical activity17.812% (70 cases), 
and light and below physical activity was 30.675% 
(50 cases). Among the patients with moderate above 
physical activity and sleep disorders, the probabil-
ity of CFD of those with sleep disorders was 13.889% 
(5 cases), higher than that of those without sleep dis-
orders at 4.255% (6 cases). Among the patients with 

Table 2  Blood Pressure and metabolism in hypertensive 
patients with no cognitive impairment and cognitive function 
decline

Abbreviations: NCI no cognitive impairment, CFD cognitive function decline, SBP 
systolic blood pressure, DBP diastolic blood pressure, LAP lipid accumulation 
product, FBG fasting blood glucose, TG triglyceride, TC total cholesterol, LDL-C 
low-density lipoprotein cholesterol, SCr serum creatinine
* Statistically significant value (p < 0.05)

Variables NCI(n = 602) CFD(n = 131) P-value

  Duration 
of hypertension(m)

111.00[58.75, 
179.00]

134.00[67.00, 
219.00]

0.020*

  SBP, mmHg 140.51 ± 11.79 144.59 ± 13.52 0.001*

  DBP, mmHg 82.54 ± 10.17 84.62 ± 9.62 0.033*

  LAP index 27.49[11.38, 48.59] 31.80[17.36, 53.13] 0.026*

Laboratory testing parameters

  FBG, mmol/L 5.76[5.20, 7.07] 5.94[5.26, 7.24] 0.255

  TG, mmol/L 1.32[0.95, 1.94] 1.36[0.93, 1.77] 0.911

  TC, mmol/L 4.58[3.76, 5.43] 4.45[3.42, 5.36] 0.216

  LDL-C, mmol/L 2.67[2.03, 3.37] 2.54[1.88, 3.17] 0.131

  SCr, μmoI/L 65.00[54.68, 78.00] 71.00[59.50, 87.00] 0.001*

Table 3  Sleep status of hypertensive patients with no cognitive 
impairment and cognitive function decline

* Statistically significant value (p < 0.05)

Abbreviations: NCI no cognitive impairment, CFD cognitive function decline, PSQI 
Pittsburgh sleep quality index

Variables NCI(n = 602) CFD(n = 131) P-value

PSQI score, points 5.00[3.00, 8.00] 7.00[6.00, 9.00]  < 0.001*

sleep disorders 174(28.9) 62(47.3)  < 0.001*

Table 4  Physical activity level of hypertensive patients with no 
cognitive impairment and cognitive function decline

Abbreviations: NCI no cognitive impairment, CFD cognitive function decline
* Statistically significant value (p < 0.05)

Variables NCI(n = 602) CFD(n = 131) P-value

Physical activity 
level, n (%)

 < 0.001*

  Light 113.00 (18.77) 50.00(38.17)

  Moderate 323.00 (53.65) 70.00(53.44)

  Vigorous 166.00 (27.57) 11.00(8.40)
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Table 5  Binary logistic regression analysis of the influence of lifestyle on CFD

Multivariate regression analyses: Sex, Age, Educational level, Marital status, Type of work, Obesity, Physical activity level, Sleep Disorders, Smoking, Drinking, ACEI/
ARBs use, Beta-blockers use, CCBs use, Diuretics use
* Statistically significant value (p < 0.05)

Research Variables P-value Univariate analysis
OR [95%CI]

P-value Multivariate analysis
OR [95%CI]

Sex (Female) 0.904 1.02[0.7,1.49] 0.333 0.79[0.5,1.27]

Age(≥ 65)  < 0.001* 15.95[6.92,36.75]  < 0.001* 8.68[3.64,20.72]

Educational level
  Primary school or below 1.00 1.00

  Junior high school or senior high school 0.025* 0.64[0.44,0.95] 0.907 1.03[0.65,1.62]

  University or above 0.153 0.49[0.19,1.3] 0.621 1.33[0.43,4.1]

  Married 0.123 0.46[0.17,1.23] 0.348 0.58[0.19,1.8]

Type of work
  Manual labor 1.00 1.00

  Mental labor  < 0.001* 0.12[0.04,0.34]  < 0.001* 0.12[0.04,0.37]

  Both manual and brain labor  < 0.001* 0.4[0.25,0.63] 0.012* 0.5[0.29,0.86]

  Obesity 0.533 0.75[0.31,1.83] 0.579 0.75[0.28,2.05]

Physical activity level

  Light 1.00 1.00

  Moderate 0.001* 0.49[0.32,0.75] 0.011* 0.53[0.32,0.87]

  Vigorous  < 0.001* 0.15[0.07,0.3] 0.001* 0.26[0.12,0.58]

  Sleep Disorders  < 0.001* 2.21[1.5,3.25] 0.01* 1.85[1.16,2.94]

  Smoking 0.043* 0.51[0.26,0.98] 0.28 0.63[0.27,1.46]

  Drinking 0.202 0.7[0.41,1.21] 0.789 0.91[0.45,1.84]

  ACEI/ARBs use 0.006* 0.59[0.4,0.86] 0.029* 0.61[0.39,0.95]

  Beta-blockers use 0.043* 0.57[0.33,0.98] 0.03* 0.48[0.25,0.93]

  CCBs use 0.772 1.06[0.72,1.56] 0.608 1.14[0.7,1.85]

  Diuretics use 0.905 0.97[0.6,1.58] 0.383 0.77[0.43,1.39]

Table 6  CFD Studies variable assignment

Research Variables Assignment Situation

Cognitive function decline No = 0, Yes = 1

Sex Male = 1, Female = 2

Age  < 65 = 1, ≥ 65 = 2

Educational level Primary school or below = 1, Junior high school, or senior high 
school = 2, University or above = 3

Marital status Unmarried, divorced or widowed = 0, Married = 1

Type of work Manual labor = 1, Mental labor = 2, Both manual and brain labor = 3

Obesity No = 0, Yes = 1

Physical activity level Light = 1, Moderate = 2, Vigorous = 3

Sleep Disorders No = 0, Yes = 1

Smoking No = 0, Yes = 1

Drinking No = 0, Yes = 1

ACEI/ARBs use No = 0, Yes = 1

Beta-blockers use No = 0, Yes = 1

CCBs use No = 0, Yes = 1

Diuretics use No = 0, Yes = 1
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light to moderate physical activity, the probability of 
CFD among the hypertension patients with manual 
work was 27.363% (55 cases), which was higher than 
those with mental work (0%; 0 cases) and both man-
ual and mental work (10.204%; 15 cases). In addition, 
among the hypertension patients with light to moder-
ate physical activity and both manual and mental labor, 
the probability of CFD among hypertension patients 

with sleep disorders was 27.586% (8 cases), higher than 
those without sleep disorders (5.932%; 7 cases) (Fig. 2).

The importance of prediction variables in the decision tree 
model
The importance of each node prediction variable to the 
construction of the model was different in the deci-
sion tree model. In contrast, the importance of physical 

Fig. 2  The decision tree model illustrates the impact of lifestyles on CFD and has been generated by the software using ten cross-validations. 
The boxes are numbered sequentially, with the blue icon representing NCI and the red icon representing CFD. Each box has a specific percentage 
and number of examples. The influence factor of the following classification is indicated below each box, while the corresponding category 
of influence factor is located at the top of each box
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activity level as the root node variable was 54%. In the 
leaf nodes, the importance of the type of work, and sleep 
disorder, were 27% and 19%, respectively (Fig. 3).

Prediction of ROC curve of CFD Occurrence by decision 
tree model
Taking the prediction of the decision tree model as the 
test variable and the actual CFD data as the state variable 
to draw the ROC curve, it was concluded that the AUC 
of the decision tree model for predicting the occurrence 
of CFD was 0.72 (95%CI: 0.68 to 0.76, p < 0.001), and the 
sensitivity was 0.86(95%CI: 0.79 to 0.92), the specific-
ity was 0.54(95%CI: 0.49 to 0.58). + CUI: 0.25, -CUI:0.51. 
This shows that the prediction effect of the decision tree 
model was medium (Fig. 4).

Discussion
In this hypertension patient-focused study, we explored 
the connection between diverse lifestyles and cogni-
tive decline. Our logistic regression analysis revealed 
that advanced age and sleep disorders pose risks for 
CFD. Conversely, individuals with higher education lev-
els, those engaged in mental or both mental and manual 
occupations, moderate and high intensity physical activ-
ity, and users of ACEI/ARBs and Beta-blockers exhibit 
protective factors against CFD.

Numerous studies have delved into the positive impact 
of physical activity on cognitive function among adults. 
A meta-analysis of 15 prospective cohort studies under-
scored the protective influence of vigorous exercise 
against cognitive decline (hazard ratio 0.62, 95% CI 0.54–
0.70) [39]. Furthermore, recent research conducted by 

Finnish and Swedish scholars demonstrated that low to 
moderate levels of physical activity in midlife correlated 
with an elevated risk of dementia when contrasted with 
high activity levels. Sustained high physical activity or 
its escalation from midlife were associated with reduced 
dementia risk [40].

The outcomes of our cross-sectional study align with 
prior research on the link between physical activity levels 
and cognitive function. They underline the importance 
of physical activity in postponing cognitive decline in 
hypertensive individuals. Among the potential mecha-
nisms, several are widely recognized. Physical activity 
enhances the management of cardiovascular risk factors, 
augments cerebral blood flow and brain tissue oxygena-
tion, and stimulates the production of neurotransmitters, 
neurotrophic factors, and brain-derived neurotrophic 
factor (BDNF), fostering neurogenesis and synaptogene-
sis, crucial elements in cognitive function [41–44]. While 
exercise interventions have proven beneficial to cognitive 
function, further research is necessary to elucidate the 
molecular mechanisms underpinning the relationship 
between physical activity and the risk factors for cogni-
tive decline.

During moderate or higher intensity physical activity, 
we observed that hypertensive patients with sleep disor-
ders were more prone to developing CFD. Prior research 
indicates that sleep disorders can impact cognitive func-
tion [45]. It is worth mentioning that 32.2% of the hyper-
tensive participants in this study experienced poor sleep 
quality.

In a substantial cohort study involving older Chinese 
adults [46], lower habitual sleep efficiency was linked to 

Fig. 3  The significance of predictive variables in the decision tree model is a crucial aspect to consider. We included work type, sleep disorders, 
and physical activity levels in the decision tree model to assess their impact of CFD in hypertensive patients. The figure illustrates the relative 
importance of each influencing factor in predicting the outcome within the decision tree model. Notably, physical activity level is the root node 
variable deemed the most critical predictive variable
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a higher risk of memory impairment and overall cogni-
tive decline. The impact of sleep disorders on cognitive 
function might be attributed to substantial reductions in 
brain volume in specific regions such as the bilateral hip-
pocampus, superior parietal lobule, left amygdala, and 
cortical and subcortical regions following sleep depriva-
tion [47]. Additionally, sleep deprivation hampers adult 
hippocampal neurogenesis [48], leading to neuron loss, 
decreased neuronal regeneration [49], and provoking 
excessive activation of hippocampal microglia [50], ulti-
mately contributing to cognitive decline.

While the logistic regression model effectively calcu-
lates specific odds ratios associated with different influ-
encing factors and demonstrates the relationship between 
CFD in hypertensive patients and these factors, it fails to 
illustrate interactions between variables and lacks intui-
tive predictions. Decision trees, on the other hand, excel 
in showcasing these interactions. In our study, we incor-
porated physical activity level, work type, and sleep disor-
ders into the decision tree model. Among them, physical 
activity level emerged as the primary influencing factor 
at the first level of the decision tree, underscoring its piv-
otal role in CFD among hypertensive patients. The sub-
sequent levels of the decision tree elucidate the intricate 
interplay between these factors.

A previous study conducted in China revealed that 
individuals involved in manual labor were more suscep-
tible to cognitive decline [51]. In our current trial, we 
observed a similar trend: among hypertensive patients 
engaging in light to moderate physical activity, the deci-
sion tree analysis indicated that those employed in man-
ual labor were inclined towards cognitive decline. This 
finding implies that engaging in physical labor may con-
tributes to cognitive decline. Conversely, another study 
demonstrated that older adults engaged in mentally stim-
ulating work tend to exhibit active thinking and superior 
cognitive functions, including understanding, discrimi-
nation, and reasoning, making them less susceptible to 
CFD [52]. However, the precise mechanisms through 
which type of work impacts cognitive function remain 
unclear. Beatriz E. Alvarado suggests that manual work-
ers might be more vulnerable to cognitive impairment, 
potentially due to their lower levels of education [53].

In our study, we observed that gender did not exhibit 
an association with the incidence of CFD in hypertensive 
patients, which contrasts with some prior findings. Other 
studies have reported varying prevalence rates of CFD in 
both men [54] and women [55]. The higher prevalence of 
CFD in women may be attributed to hormonal dispari-
ties between genders [56]. Estrogen exposure is known to 

Fig. 4  We utilized the decision tree prediction probability model to forecast the ROC curve of CFD. The dotted lines in the figure demonstrate 
the predictive capacity of the decision tree model in acknowledging the incidence of CFD. The AUC was 0.72, P < 0.001
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influence brain aging, impacting overall cognitive func-
tion and language attention [57]. Reduced estrogen levels 
in postmenopausal women can result in partial impair-
ment of cognitive functions, such as verbal memory, rea-
soning, and alertness [58].

The above results indicate that the relationship between 
gender and prevalence of hypertensive CFD remains a 
topic of debate. We still need to conduct further research 
in this area.

The decision tree model can present the impact and 
likelihood of each factor incorporated in the model on 
CFD clearly and intuitively, allowing for easy comprehen-
sion along each primary line with a high level of readabil-
ity. The decision tree model can present the impact and 
likelihood of each factor incorporated in the model on 
CFD clearly and intuitively, allowing for easy comprehen-
sion along each primary line with a high level of readabil-
ity. The AUC of the ROC curve for CFD forecasted by the 
decision tree model is 0.72[95% CI: 0.68 to 0.76],although 
its predictive power is general [59], we believe that 70% is 
considered clinically useful [60].

We acknowledge the limitations of the current 
research. First, the dataset used in this study is based on 
cross-sectional collection, making it arduous to estab-
lish a potential causal relationship. Secondly, gender may 
influence cognitive ability, and the study failed to imple-
ment a gender-stratified follow-up design due to the lim-
ited sample size. Additionally, we should introduce a tool 
for assessing quality of life to evaluate the daily experi-
ences of patients. Furthermore, some data comes from 
self-reports collected through questionnaires, which 
could result in bias. Third, the sensitivity and specificity 
of MMSE in identifying cognitive function decline are 
limited. In the future, further confirmation is required by 
combining MMSE with other cognitive function assess-
ment scales, such as the Montreal Cognitive Assess-
ment Scale [61, 62]. Fourth, this study was carried out on 
patients with essential hypertension, and the outcomes 
may need to be more generalizable to other populations. 
Still, hypertension is a notable risk factor for cognitive 
decline, and this population requires more attention [63].

Nevertheless, the current study has several advantages. 
Firstly, this study showed the practicability of employ-
ing decision tree models to anticipate mild cognitive 
dysfunction among hypertensive patients. Secondly, the 
data collection from multiple medical centers also curbs 
deviations to some extent and augments the dependabil-
ity and adaptability of the decision tree model.

Despite some limitations, this study offers a new per-
spective on predicting cognitive function decline in 
hypertension. However, further prospective longitudinal 
cohort studies are encouraged to confirm the predictive 
power of the decision tree model.

Conclusion
We discovered an association between hypertension and 
various lifestyle factors, including crucial predictors like 
physical activity levels, in patients with CFD. Other factors, 
such as work type and sleep disorder, can also predict the 
occurrence of CFD in patients with hypertension. In this 
study, the interaction between these factors was observed 
to affect the occurrence of hypertensive CFD patients fur-
ther. Therefore, personalized lifestyle interventions may be 
recommended to hypertensive patients to reduce the risk 
of hypertensive CFD. Future studies will involve the inte-
gration of decision trees and machine learning algorithms 
to analyze clinical data and develop an optimal model.

Abbreviations
NCI	� No cognitive impairment
CFD	� Cognitive function decline
BMI	� Body mass index
MMSE	� Mini-mental state examination
IPAQ	� International Physical Activity Questionnaire
RAD	� Right atrial diameter
LAD	� Left atrial diameter
RVD	� Right ventricular diameter
LVD	� Left ventricular diameter
ACEI	� Angiotensin converting enzyme inhibitors
ARB	� Angiotensin receptor blocker
CCBs	� Calcium channel blockers
SBP	� Systolic blood pressure
DBP	� Diastolic blood pressure
LAP	� Lipid accumulation product
FBG	� Fasting blood glucose
TG	� Triglyceride
TC	� Total cholesterol
LDL-C	� Low-density lipoprotein cholesterol
SCr	� Serum creatinine
PSQI	� Pittsburgh sleep quality index

Acknowledgements
I want to extend my sincere gratitude to my collaborators and our funding organi-
zation for their invaluable encouragement and support throughout this research.

Authors’ contributions
MZ, HJ, CW served as the primary coordinator of the project and was accounta-
ble for the study&apos;s design. The manuscript for the current paper was jointly 
composed by MZ and HJ. SL, and YQ oversaw data collection and stratification. 
XZ, DZ and MZ played a role in data compilation and analysis. All authors made 
intellectual contributions to this manuscript and have endorsed this final ver-
sion. Each author has thoroughly reviewed and approved the final manuscript.

Funding
This research was backed by a grant from the Shandong Integrated Traditional 
Chinese and Western Medicine Disease Prevention Project (YXH2019ZXY009). 
The funding entities did not participate in the research design, data gathering, 
analysis, interpretation, manuscript composition, or submission.

Availability of data and materials
The datasets used and/or analyzed during the current study are available from 
the corresponding author on reasonable request.

Declarations

Ethics approval and consent to participate
The Affiliated Hospital of Shandong University of Traditional Chinese Medicine 
Ethics Committee has granted ethical approval. Informed consent was 



Page 12 of 13Zhang et al. BMC Public Health         (2023) 23:2431 

obtained from all participants. All methods have been carried out by the 
relevant guidelines and regulations.

Consent for publication
Not applicable.

Competing interests
The authors declare no competing interests.

Author details
1 The First Clinical Medical College, Shandong University of Traditional Chinese 
Medicine, Jinan, China. 2 Department of Cardiology, Affiliated Hospital of Shan-
dong University of Traditional Chinese Medicine, No. 42, Wenhua West Road, 
Lixia District, Jinan, Shandong, China. 3 College of Traditional Chinese Medicine, 
Shandong University of Traditional Chinese Medicine, Jinan, China. 

Received: 7 June 2023   Accepted: 26 November 2023

References
	1.	 Jack CR, Bennett DA, Blennow K, Carrillo MC, Dunn B, Haeberlein SB, et al. 

NIA-AA Research Framework: Toward a biological definition of Alzhei-
mer’s disease. Alzheimers Dement J Alzheimers Assoc. 2018;14(4):535–62.

	2.	 Tian R, Jiang Y, Zhang Y, Yan X, Zhou Y, Chen D. Cognitive training pro-
gram improves cognitive ability and daily living ability in elderly patients 
with mild cognitive impairment. Aging Clin Exp Res. 2022;34(5):997–1005.

	3.	 Jia L, Du Y, Chu L, Zhang Z, Li F, Lyu D, et al. Prevalence, risk factors, and 
management of dementia and mild cognitive impairment in adults aged 
60 years or older in China: a cross-sectional study. Lancet Public Health. 
2020;5(12):e661–71.

	4.	 Guideline for the pharmacological treatment of hypertension in adults. 
Geneva: World Health Organization; 2021 [cited 2023 May 14]. (WHO 
Guidelines Approved by the Guidelines Review Committee). Available 
from: http://​www.​ncbi.​nlm.​nih.​gov/​books/​NBK57​3631/.

	5.	 Cho EJ, Sung KC, Kang SM, Shin MS, Joo SJ, Park JB. Fimasartan reduces 
clinic and home pulse pressure in elderly hypertensive patients: A K-MetS 
study. PLoS One. 2019;14(4):e0214293.

	6.	 Delwel S, Maier AB, Parvaneh D, Meijers J, Scherder EJA, Lobbezoo F. 
Chewing Efficiency, Global Cognitive Functioning, and Dentition: A 
Cross-sectional Observational Study in Older People With Mild Cogni-
tive Impairment or Mild to Moderate Dementia. Front Aging Neurosci. 
2020;12:225.

	7.	 Ungvari Z, Toth P, Tarantini S, Prodan CI, Sorond F, Merkely B, et al. 
Hypertension-induced cognitive impairment: from pathophysiology to 
public health. Nat Rev Nephrol. 2021;17(10):639–54.

	8.	 Wang Z, Chen Z, Zhang L, Wang X, Hao G, Zhang Z, et al. Status of 
Hypertension in China: Results From the China Hypertension Survey, 
2012–2015. Circulation. 2018;137(22):2344–56.

	9.	 Wang Z, Hou J, Shi Y, Tan Q, Peng L, Deng Z, et al. Influence of Lifestyles 
on Mild Cognitive Impairment: A Decision Tree Model Study. Clin Interv 
Aging. 2020;15:2009–17.

	10.	 Keyimu K, Zhou XH, Miao HJ, Zou T. Mild cognitive impairment risk 
factor survey of the Xinjiang Uyghur and Han elderly. Int J Clin Exp Med. 
2015;8(8):13891–900.

	11.	 Machii N, Kudo A, Saito H, Tanabe H, Iwasaki M, Hirai H, et al. Walking 
Speed is the Sole Determinant Criterion of Sarcopenia of Mild Cognitive 
Impairment in Japanese Elderly Patients with Type 2 Diabetes Mellitus. J 
Clin Med. 2020;9(7):2133.

	12.	 Roberts RO, Cha RH, Mielke MM, Geda YE, Boeve BF, Machulda MM, et al. 
Risk and protective factors for cognitive impairment in persons aged 85 
years and older. Neurology. 2015;84(18):1854–61.

	13.	 Xu Z, Zhang D, Sit RWS, Wong C, Tiu JYS, Chan DCC, et al. Incidence of 
and Risk factors for Mild Cognitive Impairment in Chinese Older Adults 
with Multimorbidity in Hong Kong. Sci Rep. 2020;5(10):4137.

	14.	 X L, C M, J Z, Y L, Y C, K C, et al. Prevalence of and potential risk factors for 
mild cognitive impairment in community-dwelling residents of Beijing. J 
Am Geriatr Soc. 2013 [cited 2023 Aug 16];61(12). Available from: https://​
pubmed.​ncbi.​nlm.​nih.​gov/​24479​143/.

	15.	 Zhang Z, Li S, Wang S. Application of Periventricular White Mat-
ter Hyperintensities Combined with Homocysteine into Predicting 
Mild Cognitive Impairment in Parkinson’s Disease. Int J Gen Med. 
2023;28(16):785–92.

	16.	 Brims FJH, Meniawy TM, Duffus I, de Fonseka D, Segal A, Creaney J, et al. 
A Novel Clinical Prediction Model for Prognosis in Malignant Pleural 
Mesothelioma Using Decision Tree Analysis. J Thorac Oncol Off Publ Int 
Assoc Study Lung Cancer. 2016;11(4):573–82.

	17.	 Lemon SC, Roy J, Clark MA, Friedmann PD, Rakowski W. Classification 
and regression tree analysis in public health: methodological review 
and comparison with logistic regression. Ann Behav Med Publ Soc 
Behav Med. 2003;26(3):172–81.

	18.	 Li H, Wu TT, Yang DL, Guo YS, Liu PC, Chen Y, et al. Decision tree model 
for predicting in-hospital cardiac arrest among patients admitted with 
acute coronary syndrome. Clin Cardiol. 2019;42(11):1087–93.

	19.	 Pei D, Zhang C, Quan Y, Guo Q. Identification of Potential Type II Diabe-
tes in a Chinese Population with a Sensitive Decision Tree Approach. J 
Diabetes Res. 2019;2019:4248218.

	20.	 Yong HH, Karmakar C, Borland R, Kusmakar S, Fuller-Tyszkiewicz M, 
Yearwood J. Identifying smoker subgroups with high versus low smok-
ing cessation attempt probability: A decision tree analysis approach. 
Addict Behav. 2020;103:106258.

	21.	 Yang S, He Y, Wang J, Wang Y, Wu L, Zeng J, et al. Genetic scores of 
smoking behaviour in a Chinese population. Sci Rep. 2016;7(6):22799.

	22.	 Mezey GA, Máté Z, Paulik E. Factors Influencing Pain Management 
of Patients with Osteoarthritis: A Cross-Sectional Study. J Clin Med. 
2022;11(5):1352.

	23.	 Kahn HS. The ‘lipid accumulation product’ performs better than the 
body mass index for recognizing cardiovascular risk: a population-
based comparison. BMC Cardiovasc Disord. 2005;8(5):26.

	24.	 Foreman MD. Reliability and validity of mental status questionnaires in 
elderly hospitalized patients. Nurs Res. 1987;36(4):216–20.

	25.	 Folstein MF, Folstein SE, McHugh PR. ‘Mini-mental state’. A practical 
method for grading the cognitive state of patients for the clinician. J 
Psychiatr Res. 1975;12(3):189–98.

	26.	 Yao L, Sun G, Wang J, Hai Y. Effects of Baduanjin imagery and exercise 
on cognitive function in the elderly: A functional near-infrared spec-
troscopy study. Front Public Health. 2022;29(10):968642.

	27.	 Xie Y, Li J, Yu G, Zhou X, Zhou W, Zhu L, et al. Association Between 
Lipid Accumulation Product and Cognitive Function in Hypertensive 
Patients With Normal Weight: Insight From the China H-type Hyperten-
sion Registry Study. Front Neurol. 2021;12:732757.

	28.	 Zhu B, Jin LN, Shen JQ, Liu JF, Jiang RY, Yang L, et al. Differential 
expression of serum biomarkers in hemodialysis patients with mild 
cognitive decline: A prospective single-center cohort study. Sci Rep. 
2018;16(8):12250.

	29.	 Matsangidou M, Solomou T, Frangoudes F, Ioannou K, Theofanous P, 
Papayianni E, et al. Affective Out-World Experience via Virtual Reality for 
Older Adults Living with Mild Cognitive Impairments or Mild Demen-
tia. Int J Environ Res Public Health. 2023;20(4):2919.

	30.	 Kumari M, Shipley M, Stafford M, Kivimaki M. Association of diurnal 
patterns in salivary cortisol with all-cause and cardiovascular mortal-
ity: findings from the Whitehall II study. J Clin Endocrinol Metab. 
2011;96(5):1478–85.

	31.	 Hsieh SD, Yoshinaga H, Muto T. Waist-to-height ratio, a simple and 
practical index for assessing central fat distribution and metabolic 
risk in Japanese men and women. Int J Obes Relat Metab Disord J Int 
Assoc Study Obes. 2003;27(5):610–6.

	32.	 Zhang C, Zhang H, Zhao M, Li Z, Cook CE, Buysse DJ, et al. Reliability, 
Validity, and Factor Structure of Pittsburgh Sleep Quality Index in 
Community-Based Centenarians. Front Psychiatry. 2020;11:573530.

	33.	 Pan M, Tu R, Gu J, Li R, Liu X, Chen R, et al. Associations of Socioeco-
nomic Status and Physical Activity With Obesity Measures in Rural 
Chinese Adults. Front Public Health. 2021;8(8):594874.

	34.	 Ainsworth BE, Haskell WL, Herrmann SD, Meckes N, Bassett DR, Tudor-
Locke C, et al. Compendium of Physical Activities: a second update of 
codes and MET values. Med Sci Sports Exerc. 2011;43(8):1575–81.

	35.	 Ng SW, Norton EC, Popkin BM. Why have physical activity levels 
declined among Chinese adults? Findings from the 1991–2006 China 
Health and Nutrition Surveys. Soc Sci Med 1982. 2009;68(7):1305–14.

http://www.ncbi.nlm.nih.gov/books/NBK573631/
https://pubmed.ncbi.nlm.nih.gov/24479143/
https://pubmed.ncbi.nlm.nih.gov/24479143/


Page 13 of 13Zhang et al. BMC Public Health         (2023) 23:2431 	

•
 
fast, convenient online submission

 •
  

thorough peer review by experienced researchers in your field

• 
 
rapid publication on acceptance

• 
 
support for research data, including large and complex data types

•
  

gold Open Access which fosters wider collaboration and increased citations 

 
maximum visibility for your research: over 100M website views per year •

  At BMC, research is always in progress.

Learn more biomedcentral.com/submissions

Ready to submit your researchReady to submit your research  ?  Choose BMC and benefit from: ?  Choose BMC and benefit from: 

	36.	 Liu Z, Xu D, Xu WX, Fei YJ, Wang DD, Deng F, et al. Dietary patterns, 
nutritional status, and mortality risks among the elderly. Front Nutr. 
2022;9:963060.

	37.	 Krawczyk-Suszek M, Kleinrok A. Health-Related Quality of Life (HRQoL) 
of People over 65 Years of Age. Int J Environ Res Public Health. 
2022;19(2):625.

	38.	 Wei J, Yin X, Liu Q, Tan L, Jia C. Association between hypertension and 
cognitive function: A cross-sectional study in people over 45 years old in 
China. J Clin Hypertens Greenwich Conn. 2018;20(11):1575–83.

	39.	 Sofi F, Valecchi D, Bacci D, Abbate R, Gensini GF, Casini A, et al. Physical 
activity and risk of cognitive decline: a meta-analysis of prospective stud-
ies. J Intern Med. 2011;269(1):107–17.

	40.	 Tolppanen AM, Solomon A, Kulmala J, Kåreholt I, Ngandu T, Rusanen 
M, et al. Leisure-time physical activity from mid- to late life, body mass 
index, and risk of dementia. Alzheimers Dement J Alzheimers Assoc. 
2015;11(4):434–443.e6.

	41.	 Demurtas J, Schoene D, Torbahn G, Marengoni A, Grande G, Zou L, et al. 
Physical Activity and Exercise in Mild Cognitive Impairment and Demen-
tia: An Umbrella Review of Intervention and Observational Studies. J Am 
Med Dir Assoc. 2020;21(10):1415–1422.e6.

	42.	 Dominguez LJ, Veronese N, Vernuccio L, Catanese G, Inzerillo F, Salemi G, 
et al. Nutrition, Physical Activity, and Other Lifestyle Factors in the Preven-
tion of Cognitive Decline and Dementia. Nutrients. 2021;13(11):4080.

	43.	 de la Torre JC. Cardiovascular risk factors promote brain hypoperfusion 
leading to cognitive decline and dementia. Cardiovasc Psychiatry Neurol. 
2012;2012:367516.

	44.	 Veronese N, Solmi M, Basso C, Smith L, Soysal P. Role of physical activity in 
ameliorating neuropsychiatric symptoms in Alzheimer disease: A narra-
tive review. Int J Geriatr Psychiatry. 2019;34(9):1316–25.

	45.	 Xin J, Wang C, Cheng X, Xie C, Zhang Q, Ke Y, et al. CX3C-chemokine 
receptor 1 modulates cognitive dysfunction induced by sleep depriva-
tion. Chin Med J (Engl). 2022;135(2):205–15.

	46.	 Ma XQ, Jiang CQ, Xu L, Zhang WS, Zhu F, Jin YL, et al. Sleep quality and 
cognitive impairment in older Chinese: Guangzhou Biobank Cohort 
Study. Age Ageing. 2019;49(1):119–24.

	47.	 Alperin N, Wiltshire J, Lee SH, Ramos AR, Hernandez-Cardenache R, 
Rundek T, et al. Effect of sleep quality on amnestic mild cognitive impair-
ment vulnerable brain regions in cognitively normal elderly individuals. 
Sleep. 2019;42(3):zsy254.

	48.	 Fernandes C, Rocha NBF, Rocha S, Herrera-Solís A, Salas-Pacheco J, García-
García F, et al. Detrimental role of prolonged sleep deprivation on adult 
neurogenesis. Front Cell Neurosci. 2015;9:140.

	49.	 Murata Y, Oka A, Iseki A, Mori M, Ohe K, Mine K, et al. Prolonged sleep depriva-
tion decreases cell proliferation and immature newborn neurons in both 
dorsal and ventral hippocampus of male rats. Neurosci Res. 2018;131:45–51.

	50.	 Wadhwa M, Kumari P, Chauhan G, Roy K, Alam S, Kishore K, et al. Sleep 
deprivation induces spatial memory impairment by altered hippocam-
pus neuroinflammatory responses and glial cells activation in rats. J 
Neuroimmunol. 2017;15(312):38–48.

	51.	 Ma LY, He F, Liu S, Wang XD, Gao Y, Shi Z, et al. The Association Between 
the Prevalence, Medication Adherence and Control of Hypertension and 
the Prevalence of Mild Cognitive Impairment in Rural Northern China: A 
Cross-Sectional Study. Patient Prefer Adherence. 2022;22(16):493–502.

	52.	 Yp Z, Mf C, Bh S. [A prevalence study on mild cognitive impairment 
among elderly populations in Zhejiang province]. Zhonghua Liu Xing 
Bing Xue Za Zhi Zhonghua Liuxingbingxue Zazhi. 2013 [cited 2023 Apr 
27];34(5). Available from: https://​pubmed.​ncbi.​nlm.​nih.​gov/​24016​438/.

	53.	 Alvarado BE, Zunzunegui MV, Del Ser T, Béland F. Cognitive decline is 
related to education and occupation in a Spanish elderly cohort. Aging 
Clin Exp Res. 2002;14(2):132–42.

	54.	 GjØra L, Strand BH, Bergh S, Borza T, Brækhus A, Engedal K, et al. Current 
and Future Prevalence Estimates of Mild Cognitive Impairment, Demen-
tia, and Its Subtypes in a Population-Based Sample of People 70 Years and 
Older in Norway: The HUNT Study. J Alzheimers Dis. 2021;79(3):1213–26.

	55.	 Björk S, Lövheim H, Lindkvist M, Wimo A, Edvardsson D. Thriving in rela-
tion to cognitive impairment and neuropsychiatric symptoms in Swedish 
nursing home residents. Int J Geriatr Psychiatry. 2018;33(1):e49–57.

	56.	 Lu Y, Liu C, Yu D, Fawkes S, Ma J, Zhang M, et al. Prevalence of mild 
cognitive impairment in community-dwelling Chinese populations 
aged over 55 years: a meta-analysis and systematic review. BMC Geriatr. 
2021;6(21):10.

	57.	 Smith CA, McCleary CA, Murdock GA, Wilshire TW, Buckwalter DK, Bretsky 
P, et al. Lifelong estrogen exposure and cognitive performance in elderly 
women. Brain Cogn. 1999;39(3):203–18.

	58.	 LeBlanc ES, Janowsky J, Chan BK, Nelson HD. Hormone replacement 
therapy and cognition: systematic review and meta-analysis. JAMA. 
2001;285(11):1489–99.

	59.	 Bolboacă SD. Medical Diagnostic Tests: A Review of Test Anatomy, 
Phases, and Statistical Treatment of Data. Comput Math Methods Med. 
2019;28(2019):1–22.

	60.	 Zhou Q, Peng M, Zhou L, Bai J, Tong A, Liu M, et al. Development 
and validation of a brief diabetic foot ulceration risk checklist among 
diabetic patients: a multicenter longitudinal study in China. Sci Rep. 
2018;17(8):962.

	61.	 Nasreddine ZS, Phillips NA, Bédirian V, Charbonneau S, Whitehead V, Col-
lin I, et al. The Montreal Cognitive Assessment, MoCA: a brief screening 
tool for mild cognitive impairment. J Am Geriatr Soc. 2005;53(4):695–9.

	62.	 Youn YC, Choi SH, Shin HW, Kim KW, Jang JW, Jung JJ, et al. Detection of 
cognitive impairment using a machine-learning algorithm. Neuropsychi-
atr Dis Treat. 2018;14:2939–45.

	63.	 Singh P, Sharma B. Selective Serotonin-norepinephrine Re-uptake Inhibi-
tion Limits Renovas-cular-hypertension Induced Cognitive Impairment, 
Endothelial Dysfunction, and Oxidative Stress Injury. Curr Neurovasc Res. 
2016;13(2):135–46.

Publisher’s Note
Springer Nature remains neutral with regard to jurisdictional claims in pub-
lished maps and institutional affiliations.

https://pubmed.ncbi.nlm.nih.gov/24016438/

	Physical activity, sleep disorders, and type of work in the prevention of cognitive function decline in patients with hypertension
	Abstract 
	Background 
	Methods 
	Results 
	Conclusion 

	Introduction
	Methods
	Study design and population
	Data collection
	Cognitive function assessment
	Anthropometric measurements of adiposity
	Definition of hypertension
	Pittsburgh sleep quality index
	Physical activity levels
	Smoking and drinking status
	Statistical analysis

	Results
	Participants and baseline characteristics
	Multivariate regression analyses
	Decision tree model of the influence of lifestyle on CFD
	The importance of prediction variables in the decision tree model
	Prediction of ROC curve of CFD Occurrence by decision tree model

	Discussion
	Conclusion
	Acknowledgements
	References


